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ABSTRACT 

Automatic text summarization is a natural language processing application that proposes the 

extraction of salient information from a source document to produce a condensed version for a 

particular user. Due to the increasing number of interested users in searching for Amharic 

documents, Automatic text summarization becomes a tool to help users through pointing which 

document is relevant to their need (search) by putting a summary for each particular document 

in a particular domain. However, most researches have been conducted for Amharic text 

summarization and almost all are done for generic summarization, but in this study query-

oriented summarization have been done to extract query related sentences from the document 

based on their rank. In this study, two distinct approaches have been used to extract Amharic 

legal judgment summaries from a single legal document based on the incoming user query. Both 

TF*IDF weighting and TextRank approaches generate a summary based on the query with 

different performances results. The performance evaluation has been done objectively and 

subjectively by comparing manual summary with system generated summary. The objective 

evaluation result shows that Amharic document TextRank registers the best result of 71.36% F-

measure at extraction rate 30%. The subjective evaluation also conducted by the experts to 

compare the coherence and informativeness of the summarizer. In terms of informativeness and 

coherency of the summary, 85.87% accuracy is registered at extraction rate of 30%. The 

experiment shows the study achieves promising result. However, TF*IDF weighting and 

TextRank approaches employed in this study are incapable of extracting a summary from 

documents which are too long this needs further investigation. One of the challenges of this study 

is when the document length increases the noise happen and important part of a summary may 

be missed. 

 

 

  



1 
 

 
 

1. INTRODUCTION 

1.1. Background of the study 

Nowadays with an alarming growth of information, users need to have effective methods in 

order to search for the requested information. In most cases, people try to identify relevant 

documents as per their information need by reading the summary of a document rather than the 

whole content. This urges the need for text summarization. According to Jones (1999), as cited 

in Mahdipour and Bagheri (2014), automatic text summarization (ATS) is a process to reduce 

the volume of text documents; using computer programs to create a text summary based on key 

points extracted from the documents. This approach shortens the information content of a text 

file while preserving the original contents (Mahdipour & Bagheri, 2014). 

Hovy (2005) defines a summary as “a text that is produced from single or multiple textual 

documents, that convey important information in the original text and that is no longer than half 

of the original text and usually significantly less than that”. 

The aim of automatic text summarization is similar to the reason why the humans create 

summaries; i.e., to produce a shorter representation of the original text. Accordingly, researchers 

have defined a summary from their own perspective. Sparck Jones (1999) also defines a 

summary as a “reductive transformation of source text to summary text through content 

reduction by selection and generalization on what is important in the source”.  

Dalianis (2000) and Hassel (2007), as cited in Devihosur & Naseer (2017), describe ATS 

apparently as “a plan to get an important data from a huge amount of information”. ATS assumes 

an inescapable part by creating significant and particular data from a lot of information 

(Devihosur & R., 2017). 

Text summarization is one of the natural language processing (NLP) application that proposes to 

extract the most important information from a source to produce a condensed version for a 

particular user or task (Addis, 2013). Automatic text summarization is the process of reducing a 

text document with a computer program in order to create a summary that retains the concept of 

the original document. In order to generate a summary of a document, we have to identify key 

pieces of information existing in a document or a sentence, omitting the redundant information 
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and reducing details. The goal of automatic text summarization is to take an information source, 

extract content from it and present the major content to the user in a condensed form and in a 

manner sensitive to the users or applications need (Lloret, 2008).   

As noted by Badry, Eldin, & Elzanfally (2013), citing Gupta (2010), Hahn & Mani (2000) and, 

Das & Martins (2007), Text summarization (TS) methods can be classified into extractive and 

abstractive an extractive summarization method involves collecting and selecting important 

sentences from the original document to generate summaries into shorter form. The sentence is 

extracted based on statistical and linguistic features. An abstractive summarization method on 

the other hand involves understanding the original document and generating new sentences from 

the given document into shorter form. The new sentences represent the most important 

information from the original document (Lin, 2004). An abstractive summarization method is a 

more complex task where it is similar to human summarization. Most of Automatic Text 

Summarization (ATS) systems are extractive summarization systems (Lin, 2004). Extractive 

methods work by selecting a subset of existing words, phrases, or sentences in the original text to 

form the summary. In extractive summarization systems, the important sentences are selected 

from the original text. Various approaches are used to determine the important sentences. One of 

these approaches that is used in the summarization systems is based on semantic oriented 

analysis such as lexical chains. According to Gong and Liu (2001), lately, Latent Semantic 

Analysis (LSA) is used to determine the important sentences and, as noted by Badry, Eldin, & 

Elzanfally (2013) successful results are obtained using this method for text summarization. 

(Hariharan & Srinivasan, 2009) Investigated a method for summarization of news articles using 

Graph Based method. In this method, measure of similarity between sentences of the article is 

represented by an adjacency matrix, which forms the foundation of Graph Based techniques. 

(Natesh, Balekuttira, & Patil, 2016) 

The extractive summarization should identify and extract the important sentences in a document. 

So far, various methods have been used in the extractive summarization method. One of these 

methods is TF*IDF (Ramos, 2003). This is a numerical criterion that indicates the importance of 

a word in a document among a corpus of documents. TF shows the frequency of a word in a 

document. IDF is a measure that reduces the weight of frequently occurring words in the corpus 
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and increases the weight of words that rarely occur. The words with high TF*IDF value, have a 

strong relationship with the document in which they are located. Many people have used TF*IDF 

to measure the importance of sentences in extractive summarization. (Afsharizade, Bagheri, & 

Komleh, 2018)  

According to Nenkova and McKeown (2011), the goal of query-based text summarization is to 

condense only the information in the input document(s) that is relevant to a specific user query. 

Query-based summary contains only information which is queried by the user. The queries are 

typically natural language questions or keywords that are related to a particular subject. For 

instance, snippets (most probably English language) produced by search engines is an example 

of query-based application (Nenkova & McKeown, 2011). This study is highly motivated in 

designing query-based extractive text summarizer for legal texts that satisfy users need and 

minimize expertize time too. A legal domain also a motivation for this study; in legal domain 

huge amount of documents produced daily and searching appropriate document from the 

collection of documents for a particular user is very difficult. Therefore, the aim of this study is 

to design a query-oriented extractive text summarization system that accelerates the use of the 

legal documents based on users need.   

1.2. Statement of the problem 

Amharic is an official working language of the Federal Democratic Republic of Ethiopia 

(FDRE), which is used to produce text documents for readers. These text documents are 

available digitally and the amount is highly increasing from time to time. Addis (2013) described 

that, currently Google supports searching for Amharic documents using queries formulated in 

Amharic font. Interested users are now spending time in searching for Amharic documents 

online, which provides lots of text documents creating user information overload. Blogs, 

Articles, laws, proclamations, health related printouts, religious teachings, awareness creation 

broachers and educational printed materials also contribute to the production of information in 

Amharic.  

To handle all these available text documents and make use of its information content, it is 

necessary to consider the use of text summarization technology for Amharic text documents. 
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This in effect helps users to get the major concept of the document and choose the relevant 

document based on their interest without reading the whole text within short time. Indirectly, it 

also increases the usability of the available information in Amharic text documents. 

Various research works have been conducted in the area of automatic text summarization by 

applying different methodologies. The first research in Amharic news text summarization was 

done by (Kamil, 2004). The system was developed by using natural language processing 

techniques and statistical methods. Title words, head sentences, head sentence words, paragraph 

starting sentence, cue phrases and high frequency key words are used as an extraction features.  

Further, Teferi (2005) proposed the application of machine learning technique for automatic 

Amharic News Text summarization. He used predefined features like location of a sentence in a 

document, title words occurring in the sentence, and cue words occurring in the sentence that are 

found to be a good indicator in giving an optimum summary. The gap which faced in Teferi’s 

investigation was that his approach requires a great deal of training corpus. 

Automatic Amharic Text Summarization Using Latent Semantic Analysis (LSA) was also 

explored by Melese (2009). The study proposed two new generic text summarization methods, 

topic LSA and LSA-graph, which create text summaries by ranking and extracting sentences 

from the original documents.  

Eyob and Dejene (2012), attempted to explore topic-based Amharic text summarization using 

probabilistic Latent Semantic Analysis. However, the probabilistic topic model that is used in 

their approach do not use term weighting, which is highly important to identify the most 

representative words of the text document after removing stop words.  

Moreover, Addis (2013) conducted to customize an open source tool, Open Text Summarizer 

(OTS3), to extract a summary from Amharic news texts. Kifle and Martha (2017), also reported 

a work that attempted to explore “graph-based automatic Amharic text summarization”. 

From the reviewed research works, the researcher found that there is no research conducted on 

query-based automatic text summarization for Amharic text. In this study extractive text 

summarization approach is used. Unlike abstractive, extractive summarization gives better 
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results this is primarily due to that extractive approach extract a sentences directly matched with 

a query, but the abstractive approach paraphrase the sentence rather than directly extracting the 

sentences based on the users query. Accordingly, extractive is a user-driven approach that creates 

a better text summarization system for the user. Query-based text summarization enables the user 

to access a summary of a document based on their information need. It’s obvious that making a 

summary of a document based on the users need makes the information retrieval efficient. The 

goal of IR is to make an efficient environment for the users to satisfy as per their information. On 

the other hand, legal experts perform difficult and responsible legal clerical work which requires 

accuracy and speed. This task includes understanding, interpreting, explaining and researching in 

a wide variety of legal documents. A summary of a judgement, as a compressed but accurate 

restatement of its content, helps in organizing a large volume of documents and in finding the 

relevant judgments for their case. Beside this, the researcher found that preparing a manual 

summary of legal judgements are difficult, consume more time, expensive and needs a number of 

legal expertise. Therefore, the researcher decided to design a query-based Amharic legal 

document summarization to fill the needs of a legal document user based on their information 

need.  

As the amount of on-line information increases, systems that can automatically summarize one 

or more documents become increasingly desirable. Recent research has investigated different 

types of summaries, methods to create them, and also the methods to evaluate them. Automatic 

summarization of legal documents is a complex problem, but it is of immense need to the legal 

fraternity. Manual summarization can be considered as a form of information selection using an 

unconstrained vocabulary with no artificial linguistic limitations (Saravanan, Ravindran, & 

Raman, 2006). Generating a headnote (summary) from the legal document is the most needed 

task, and it is of immediate benefit to the legal community.  The main goal of a summary is to 

present the main ideas in a document concisely. Identifying the informative segments while 

ignoring the irrelevant parts is the core challenge in legal text summarization (Mani and 

Maybury, 1999). 

Therefore, the aim of this research is to design query-based Amharic automatic text 

summarization so as to enable users access a summary of a text with regard to their information 

need. 
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To this end, the research would attempts to explore and answer the following main research 

questions. 

 How to prepare dataset for experimentation of query-based Amharic text 

summarization? 

 What is the best approach for summarizing Amharic legal documents? 

 How to design a prototype for Amharic legal text summarization? 

 To what extent the prototype performs summarization of the Amharic legal documents 

for users query? 

1.3. Objective of the study 

1.3.1. General objective 

The general objective of the research is to design a query-based automatic text summarizer for 

Amharic legal text documents. 

1.3.2. Specific objectives 

 To achieve the above general objective, the following specific objectives of study are 

formulated. 

 To prepare dataset for conducting Amharic text summarization experiment 

 To identify the best technique/approach that works better for summarizing Amharic legal 

documents using query    

 To design a prototype for Amharic text summarization using selected approach  

 To evaluate the performance of the Amharic text summarization prototype 

1.4. Scope and Limitation of the study 

The scope of the study is to develop query-based extractive automatic text summarization for 

Amharic legal text using TextRank and weighting summarizer algorithms; other approaches like 

abstractive summarization is not the focus of the research. The study is limited to single 

document summarization, such that the summarizer designed in this study generate a summary 

for the user based on her/his query from a single Amharic legal document. Multi-document 
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summarization is out of the scope of the current research. The study also limited to legal domain; 

i.e. other domains like news, medical, email…etc. are out of this research.  

While doing this study, Amharic legal text is an input to build the system; other data types such 

as image, video, audio are out of the scope of the study. Query-based automatic text 

summarization let the user to get a summary of the legal judgments based on her/his query. The 

system generate a summary by extracting sentences from a single document that are related to 

the user query using TextRank and weighting summarizer algorithms.  

1.5. Significance of the study 

A summary of a judgment, as a compressed but accurate restatement of its content, helps in 

organizing a large volume of documents and in finding the relevant judgments for their case. 

This research is highly significant for Law professions, Lawyers and other legal related 

workers.by enabling the users to access the overall summary of the judgment based on their input 

query. 

Automatic text summarization aims at providing a condensed representation of the content 

according to the information that the user wants to get. Traditionally, Information Retrieval 

systems rank and present documents based on measuring relevance to the user query. But not all 

retrieved documents are really useful to the user, and it always takes a lot of time to read and 

select before the user get what he/she wants. Automatic text summarization became an exciting 

topic in Information Retrieval since it presents the user with summaries of the matching 

documents which can help the user identify which documents are most relevant to the user’s 

needs in a very short period of time (Kiyoumarsi, 2015). Therefore, this research would help the 

information retrieval system through providing a summary of a matching document based on 

users query and lets the information retrieval system more efficient and effective. 

This research is also significant for the process of text classification; text classification 

(categorization) is the task of assigning predefined categories to free-text documents. It can 

provide conceptual views of document collections and has important applications in the real 

world (Yang, et al., 2008). Classifying texts manually or using classifier algorithm should to 

know the content of each document. Reading the full document can consume a lot of time so, the 
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solution for this issue is applying automatic text summarization on text classification. A 

summary of a text will facilitate a text classification process (manually or system) by ensuring 

which document is similar with the other document through giving a condensed form of a 

document called summary for a given person or system from a document collection. 

The study has also significant for future researchers who want to conduct their study in the area 

of automatic text summarization for Amharic and other local languages.  
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2. LITERATURE REVIEW 

2.1. Overview  

Luhn is a pioneer researcher in the area defined text summarization as the process of distilling 

the most important information from a source text to produce an abridged version for a particular 

user/users and task/tasks (Luhn, 1958). It also defined as a process by which the most important 

concepts in a document are identified and presented in a condensed and human-readable form 

(Jie Tangy et.al., 2005). Text summarization is, in general a hard task, because we have to 

characterize the source text as a whole, we have to capture its important content, where content is 

a matter of both information and its expression, and importance is a matter of what is essential as 

well as what is salient. Summarization explores different levels of analysis of the text to help 

determine what information in the text is salient for a given summarization task (Jagadeesh, 

et.al., 2006). According to Melese (2009), this determination of the salience of information in the 

source depends on a number of interacting factors, including the nature and genre of the source 

text, the desired compression, and the application’s information needs (Asefa, 2015). 

The process of preparing a text summary using a computer technique in the form of abstract or 

summary is referred as Automatic Text Summarization. There are many efforts done in 

automatic text summarization in the past six decades. From 1955 to 1979, simple extraction and 

linguistic approaches were applied (Basagic, Krupic, & Suzic, 2009).  

Edmundson (1968) introduced new methods; in automatic extracting of documents for screening 

purposes; in his paper in 1968 he described pragmatic (Cue) words, title and heading words and 

structural indicators as three additional components in automatic extraction. These components 

dominated the frequency components in the creation of better extracts. Edmundson (1968) also 

tried to develop an algorithm for automatic extraction of summaries from a corpus (Basagic, et 

al., 2009). 

The second categories in automatic text summarization are the 1980’s and 1990’s , which brought 

about the artificial intelligence approaches and renaissance (Basagic, et al., 2009). During this 

time the interest of researchers shifted to multi document summarization and extraction of 

summary from multimedia documents and a series of knowledge based text summarization 



10 
 

 
 

systems also evolved. These systems use only informal heuristics to determine the salient topics 

from the text documents. The second generations of summarization systems adapted more 

mature knowledge representation approach, which is based on the evolving methodological 

framework of hybrid classification based knowledge representation languages like SUSY, 

SCISOR and TOPIC (Basagic, et al., 2009). 

2.2. Types of Automatic text summarization  

There is no a unit classification for summarized texts; basically, summaries could be categorized 

based on different criteria. Different papers discussed the types of text summarization in different 

ways (Asefa 2015). Automatic text summarization can be classified as abstractive and extractive, 

generic and query-based or single document, multi-document and update summarization. Each of 

these classes can be combined to define a summarization task (Eyob, 2011). 

2.2.1. Abstractive and Extractive 

When humans are asked to create a summary for a given document, they typically form 

abstractive summaries. An abstractive summarization process is summarization where the 

summarizer (human or system) extracts the most important points of a document and presents the 

information by applying the necessary modifications to the original sentences of the document to 

produce a coherent and readable text (Radev, Hovy, & McKeown, 2002). 

Abstractive summarization is typically characterized by using a number of new words not 

present in the original document. In contrast, extractive summarization is characterized by the 

selection of whole sentences from the document to be summarized such that they would contain 

the main points of the document (Radev, Hovy, & McKeown, 2002). 

2.2.2. Generic and Query-based 

Generic text summarization creates summaries that provide an overall sense of the document’s 

contents (Gong & Liu, 2001). This amounts to selecting contents that correspond to the main 

topics of the document. Creating a generic text summarization system can be regarded as 
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extracting information from the document that the author considers the most important (Bosma, 

2008).  

According to Carbonell & Goldstein (1998) query-based summarization focuses on a user of 

information than the author of the document in that it generates summary based on the user’s 

need. The user’s information need is basically provided in the form of query. Query-based 

summarization has become especially important as the amount of information online is growing 

exponentially (Asefa, 2015). One of the advantages of query-based summarization over generic 

summarization is extract summary based on the user input while the generic one extract 

regarding to the title of the document without considering user input queries. This can facilitate 

user habit of browsing documents and fulfill the information need.   

2.2.3. Single Document, Multi-document, and Update Summarization 

According to Eyob (2011), the sources of documents can be a factor to decide which of the three 

types of summarization is performed. If a user is interested in only the contents of a single 

document, perhaps consisting of a number of pages, we have single document summarization. 

However, a user may not be able to get his information needs from a single document. If a user 

wants comprehensive information on a certain topic, it is quite likely that a single document 

would not provide all the required information. In such a case multiple documents selected by 

the user would be given to a multi-document summarization system. In case the user wants to 

update the information that s/he has, say at a later date, with a new set of documents, then this 

task should be performed by an update summarization system.  

The update summarization system is assumed to have access to the previous set of documents 

summarized for the user. Update summarization task has been introduced in year 2008 of the 

Text Analysis Conference (TAC) organized by NIST (National Institute of Standards and 

Technology). Multi-document summarization (update summarization) is more complex than 

single-document summarization (Jones, 2007).  Many issues that do not appear in single-

document summarization may be crucial in multi-document summarization; some of the 

challenges being avoiding redundancy and ordering of sentences in the final summary. 
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2.3. Phases of Text Summarization System 

Summary is the reduction of original text through selection and generalization of the important 

concepts, as stated by Jones (1999), where the steps of summarization are given as interpretation, 

transformation and generation  (Ozsoy, 2011). 

 In the interpretation step, input document is represented in a structured way that the 

computation can be performed on it.  

 In transformation step, input representation is converted into summary representation.  

 In the last, generation step, summary representation is converted into summary text.  

These phases are affected by different factors of text summarization such as input, purpose, and 

output factors (Jones, 1999). 

2.3.1. Input factors:  

The features of input document that can affect the resulting summary include the following 

aspects (Jones, 1999):  

Structure: is the organization of the given document with headers, chapters, sections, and etc. 

Structure of a document can be informative while creating summary.  

Scale: is the length of the given document; such that document can be a long research paper, or a 

short news text. While long documents contain more topics and weaker co-relations, short 

documents contain more repeated terms about less number of topics.  

Natural language: used in the input document can affect the resulting summary. Summarization 

algorithms may or may not use language dependent information.  

Domain: the input document can be related to a specific topic, or can be more general. The 

summary created related to a specific topic may use world knowledge related to that topic.  

Finally, Unit of summarization is either single or multi-document summarization. The number of 

documents to be used to create the document can be different. If a single document is used to 
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create a single summary, the summarization systems are named single document summarization 

systems. If more than one document related to a single subject is used to create a single 

summary, those summarization systems are named multi-document summarization system.  

2.3.2. Purpose factors: 

Automatic summarization systems can create general summaries of a given text, or it can create 

summaries for a pre-defined task. The following aspects are related to the purpose factors of 

summarization systems (Jones, 1999). 

Situation: Situation is related to the context of the summary. This is the environment where the 

summary will be used; such as who uses the summary when and why; may or may not be known.  

Audience: Audience is related to the reader of the summary. If the interest of readers can be 

known, summaries can be created related to that subject. For example if the audience is a specific 

community in science, then it can be assumed that more specific information related to a single 

subject will be given in the summary.  

Use: Use is related to the aim for creating the summary. Summaries can be used for retrieving 

the source, previewing the input document, refreshing the memory about the input document 

which is read before and etc.  

2.3.3. Output factors:  

The resulting summary can be affected from the following output aspects (Jones, 1999), such as 

material, format and style.  

Material: The summary of a document can be related to the all concepts mentioned in the text, or 

it may be related to some chosen concepts. Usually, general summarization systems intend to 

capture all concepts of the text. In user-focused summarization systems, like query-based 

summarization systems, the summary may contain concepts related to the need of the user.  

Format: The created summary can be organized into fields, by using headings etc., or it can be 

organized as an unstructured text, like an abstract in a journal paper.  
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Style: A summary can be informative, indicative, aggregative, or critical. In-formative 

summaries give information about the concepts mentioned in the input document. Indicative 

summaries indicate what the input document is about. Aggregative summaries give 

supplementary information that does not exist in the input document. Critical summaries review 

rights and wrongs of the input document. 

2.4. Application of Query-Based Automatic text Summarization  

So far, different technologies have been devised to help users to manage the problem of 

information overload and able to access information in multi-source, multi-format and multi-

language. According to Asefa (2015), some of these tools include information retrieval, 

information extraction, question answering etc.  Query-based Automatic text summarization is 

one of these technologies that help in condensing primarily textual information from one or more 

sources to present the most relevant information to the user.  

According to Tombros & Sanderson (1998), the query-based summarization task is to generate a 

summary of single/multiple documents which is focused towards the user's query. A query score 

is calculated for each sentence based on the distribution of query terms and added to its overall 

score obtained by sentence extraction methods. The top scoring sentences were used as a 

summary for each of the retrieved document. In the Information Retrieval scenario, if users could 

see the sentences in which their query words appeared, they could better judge the relevance of 

the documents, considered generating the query based summaries.  

Query based extractive approach in query based text summarization (Pempe, 2010), the 

sentences in a given document are ranked based on the number of occurrence of terms (words or 

phrases). The sentences containing the query words are given higher ranks than the one which 

contain a single query word. The sentences with highest rank are extracted into the resultant 

summary with their structural context. Important sentences may be extracted from different 

paragraph or subparagraphs. The summary is the collection of extracted sentences. The drawback 

of this approach is that it also extracts some of the headings with the sentences (Gupta & Lehal, 

2010). In Query-specific Opinion Summarization (QOS) system (Pempe, 2010), input is an 

opinion question. The system gives the summary which is related with the opinion and target 



15 
 

 
 

described by the question. The system has several steps (Varadarajan & Vagelis, 2005): a 

question analysis and query reformulation, a latent semantic indexing based sentence scoring, 

sentence polarity detection, and a redundancy removal (Patel, Dabhi, & Prajapati, 2017). 

Both extractive and abstractive summarizers can be designed to perform query-based 

summarization. A query-based summarizer aims to retrieve and summarize a document or a set 

of documents satisfying a request for information expressed by a user’s query (Daum´e III and 

Marcu, 2006; Tang et al., 2009; Zhong et al., 2015), which greatly facilitates obtaining the 

required information from large volumes of structured and unstructured data. Indeed, this is the 

task that the most popular search engines (e.g. Google) are performing when they present the 

search results, including snippets of text that are related to the query (M.Y.Azar, KairitSirts, & 

LenHamey, 2015). 

The goal of Information Retrieval (IR) systems is to extract documents that best match a query. 

The two main tasks in IR are document indexing and searching (Moldovan & Surdeanu, 2003). 

Indexing is the task of representing a document by its key features for the purpose of speeding up 

its finding when a query is invoked. There were many indexing schemes explored, but the most 

commonly used are based on word stemming and its enhancements. Term weighting is an 

indexing technique that gives a degree of importance to a word in a description.   

Word proximity, especially adjacency, is frequently used to capture some of the linguistic 

relations between words. The goal of searching is to locate the most relevant documents and to 

rank them in Order of decreasing match with a query. Thus, a similarity measure needs to be 

introduced for this.  According to Jagadeesh, et al., (2006), in query-based summarization some 

of the IR techniques are used with some modification in extracting the most relevant sentence 

that match with the user’s query (Asefa, 2015). 

The task of Question Answering (Q&A) is to return an actual answer, rather than a set of ranked 

sentences, in response to a question (Jagadeesh, et al., 2006). A particularly useful 

complementarily exists between summarization and question answering systems. From the 

viewpoint of summarization, question answering is one way to provide focus for summarization. 

From the viewpoint of question answering, summarization is a way of extracting and fusing just 
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the relevant information from a heap of text as an answer to a specific type of non-factoid 

questions. However, both question answering and summarization include aspects that are 

unrelated to the other. Sometimes, an answer to a question cannot be summarized; either it is a 

brief factoid (capital of India is Delhi) or the answer is complete in itself (give me the text of 

pledge of India) (Moldovan & Surdeanu, 2003). Likewise generic summaries (author's point of 

view) do not involve a question, they reflect the text as it stands without any user's input. 

Research on Question Answering (QA) is focused mainly on classifying the question type and 

finding the answer. Presenting the answer in a way that suits the user’s needs has received little 

attention (Chali, 2002). A question answering system pinpoints an answer to a given question in 

a set of documents. A response is then generated for this answer, and presented to the user 

(Hirschman & Gaizauskas, 2001). Studies have shown however that the users appreciate 

receiving more information than only the exact answer (Burger, 2001). Consulting a question 

answering system is only part of a user’s attempt to fulfill the information need: it’s not the end 

point, but some steps along what has been called a ‘berry picking’ process, where each 

answer/result returned by the system may motivate a follow-up step (Bosma, 2005). The user 

may not only be interested in the answer to a question, but also in the related information. The 

‘exact answer approach’ fails to show leads to related information that might also be of interest 

to the user. This is especially true in the legal domain. Lin, et al., (2003) show that when 

searching for information, increasing the amount of text returned to the users can significantly 

decrease the number of queries that they pose to the system, suggesting that users utilize related 

information from the supporting texts. 

In both the commercial and academic QA systems, the response to a question tends to be more 

than the exact answer, but the sophistication of their responses varies from system to system. 

Exact answer, answer plus context and extensive answer are the three degrees of sophistication 

in response generation (Saggion, Bontcheva, & Cunningham, 2003). So the best method is to 

produce extensive answers by extracting the sentences which are most salient with respect to the 

question, from the document which contains the answer. This is very similar to creating an 

extractive summarization: in both cases, the goal is to extract the most salient sentences from a 

document. In question answering, what is relevant depends on the user’s question rather than on 

the intention of the writer of the document that happens to contain the answer. In other words, 
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the output of the summarization process is adapted to suit the user’s declared information need 

(i.e. the question) (Chali, 2002). This branch of summarization has been called query-based 

summarization (Saravanan, Ravindran, & Raman, 2006). 

2.5. Term Frequency-Inverse Document Frequency weighting for Text 

Summarization 

The Term Frequency-Inverse Document Frequency (TF*IDF) is a numerical statistic which 

reflects how important a word is to a document in the collection or corpus (Salton et al., 1988). 

This method is often used as a weighting factor in information retrieval and text mining. TF-IDF 

is used majorly to stop filtering words in text summarization and categorization application. By 

convention, the TF*IDF value increases proportionally to the number of times that a word 

appears in a document, but is offset by the frequency of the word in the corpus, which helps to 

control the fact that some words are more common than others. The frequency term means the 

raw frequency of a term in a document. Moreover, the term regarding inverse document 

frequency is a measure of whether the term is common or rare across all documents in which can 

be obtained by dividing the total number of documents by the number of documents containing 

the term (Munot & Govilkar, 2014).  

There is various kind of algorithm which can be used to create an automatic summarization. The 

most commonly used is an extractive text summarization with Term Frequency-Inverse 

Document (TF*IDF).  Given equation 2.3. and equation 2.4 of TF and IDF (Hans Christian et al., 

2016). 

           TF = 
𝑇𝑜𝑡𝑎𝑙𝑎𝑝𝑝𝑒𝑎𝑟𝑎𝑛𝑐𝑒𝑜𝑓𝑎𝑤𝑜𝑟𝑑𝑖𝑛𝑑𝑜𝑐𝑢𝑚𝑒𝑛𝑡

𝑇𝑜𝑡𝑎𝑙𝑤𝑜𝑟𝑑𝑠𝑖𝑛𝑎𝑑𝑜𝑐𝑢𝑚𝑒𝑛𝑡
      (2.3) 

 IDF = log
𝐴𝑙𝑙𝐷𝑜𝑐𝑢𝑚𝑒𝑛𝑡𝑖𝑛𝑡ℎ𝑒𝑐𝑜𝑙𝑙𝑒𝑐𝑡𝑖𝑜𝑛

𝐷𝑜𝑐𝑢𝑚𝑒𝑛𝑡𝐹𝑟𝑒𝑞𝑢𝑒𝑛𝑐𝑦
       (2.4) 

      

TF*IDF is therefore computed by multiplying TF with IDF, as shown below in equation 2.5 as 

follows. 

 𝑤 = 𝑇𝐹 ∗ 𝐼𝐷𝐹          (2.5) 



18 
 

 
 

We calculate Wt1, Wt2 …Wtk which are word weights of content words in sentences. Wq1, Wq2 

……..Wqk are word weights of content terms in query. The value of TF*IDF ranges from zero to 

one with ten-digit precision. After been calculated, these words are sorted in descending order by 

its value. Then, it is compiled into the new dictionary of word and its value. This sorting is 

important to analyze the rank of TF*IDF value from all of the words to check the output 

summary. After knowing TF*IDF value of each word, it can calculate the importance value of a 

sentence. The importance value of a sentence is a sum of the value of every noun and verb in the 

sentence. Every sentence in the document is sorted in descending order. Finally, three to five 

sentences with the highest TF*IDF value are chosen. The number of sentences in the final 

summary may change depending on the compression rate of the program chosen by the user. As 

TF*IDF is an extraction method, the sentences that appear in the summary are the same as the 

original document. These chosen final sentences are sorted in accordance with its appearance in 

the original document. (Hans Christian et al., 2016) 

This the above TF*IDF adopted to weight each sentences in a document. TF  for each word in 

the document is calculated in order to know the frequency of a word in the entire document. IDF 

also calculated for a given words, in this study IDF is ISF (inverse sentence frequency) which 

means the frequency of word i in each sentence S in a given single document D. After obtaining 

a TF*ISF result, the similarity between a sentence and input query calculated. 

2.6. Graph Methods for Summarization  

According to Mihalcea and Tarau (2005), Graph methods which are influenced by PageRank 

algorithm represent the documents as a connected graph. Sentences form the vertices of the 

graph and edges between the sentences indicate how similar the two sentences are. A common 

technique employed to connect two vertices is to measure the similarity of two sentences and if it 

is greater than a threshold they are connected. The most often used method for similarity 

measure is cosine similarity with TF*IDF weights for words. This graph representation results in 

two outcomes. First, the partitions (sub-graphs) included in the graph, create discrete topics 

covered in the documents. The second outcome is the identification of the important sentences in 

the document. Sentences that are connected to many other sentences in the partition are possibly 

the center of the graph and more likely to be included in the summary. According to Erkan and 

Radev (2004) Graph-based methods can be used for single as well as multi-document 
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summarization. Since they do not need language specific linguistic processing other than 

sentence and word boundary detection, they can also be applied to various languages also stated 

by Mihalcea and Tarau (2005) and Allahyari M. et al.  (2017). 

2.6.1. Text as a Graph  

Let G (V, E) be a weighted undirected complete graph, where V is a set of vertices and E is set 

of weighted edges, as shown in figure 2.1. 

 

Figure 2.1: A complete undirected graph (Sankar, Sunda, & Sobha, 2011) 

In the above figure 2.1, the vertices in graph G represent the set of all sentences in the given 

document. Each sentence in G is related to every other sentence through the set of weighted 

edges in the complete graph (Sankar K, Sundar R, & Sobha L, 2011). 

To enable the application of graph-based ranking algorithms to natural language texts, we have 

to build a graph that represents the text, and interconnects words or other text entities with 

meaningful relations. Depending on the application at hand, text units of various sizes and 

characteristics can be added as vertices in the graph, e.g. words, collocations, entire sentences, or 

others. Similarly, it is the application that dictates the type of relations that are used to draw 

connections between any two such vertices, e.g. lexical or semantic relations, contextual overlap, 

etc.  (Thakkar & Dharaskar, 2010).  

Regardless of the type and characteristics of the elements added to the graph, the application of 

graph-based ranking algorithms to natural language texts consists of the following main steps 

(Thakkar & Dharaskar, 2010): 
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i. Identify text units (text units are terms that are filtered from the document for the next 

text processing) that best define the task at hand, and add them as vertices in the graph.  

ii. Identify relations (relations between text units or filtered terms) that connect such text 

units, and use these relations to draw edges between vertices in the graph. Edges can be 

directed or undirected, weighted or unweighted.  

iii. Iterate the graph-based ranking algorithm until convergence.  

iv. Sort vertices (sentences are sorted in reversed order of their score) based on their final 

score. 

2.6.2. Levenshtein Distance  

Levenshtein distance (LD) is a measure of the similarity between two strings, source (s) and 

target (t). The distance is the minimum number of deletions, insertions, or substitutions required 

to transform s into t (Sankar, Sundar, & Sobha, 2011).  

Levenshtein similarity weight is calculated between the sentences, considering two sentences at 

an instance (Sankar, Sundar, & Sobha, 2011). This is calculated by dividing the difference of 

maximum length between two sentences and LD between the two sentences by maximum length 

between two sentences as shown in formula 2.1 (Sankar, Sundar, & Sobha, 2011).   

LSW (si, sj)=  
𝑀𝑎𝑥𝐿𝑒𝑛(𝑠𝑖,𝑠𝑗)−𝐿𝐷(𝑠𝑖,𝑠𝑗)

𝑀𝑎𝑥𝐿𝑒𝑛( )
        (2.1) 

Where, si and sj s are the sentences. Hence before finding the LSW, we have to calculate the LD 

between each sentence. Consider two sentences, sentence1 and sentence2 where ls1 is the length 

of sentence1 and ls2 be the length of sentence2. Compute MaxLen=maximum (ls1, ls2). Then 

LSW between sentence1 and sentence2 is the difference between MaxLen and LD, divided by 

MaxLen. Clearly, LSW lies in the interval 0 to 1. In case of a perfect match between two words, 

its LSW is 1 and in case of a total mismatch, its LSW is 0; in all other cases, 0 < LSW <1. The 

LSW metric is illustrated by the following example. 
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Considering the given strings (ABC, XYZ, EFD AND ABCD) as sentences, LSW (ABC, ABC) 

=1, LSW (ABC, XYZ) =0 and LSW (ABCD, EFD) =0.25 

After calculating LD the graph becomes weighted by Levenshtein distance. Here next task have 

been applying sentence extraction in order to extract sentences that are highly related with the 

input query. As shown in the below figure 3.1, query-based automatic Amharic text 

summarization involves a number of tasks in two phases. First the collected Amharic documents 

are processed to make them ready for summarization. Then the given users query is also 

processed following the same steps applied for Amharic legal document processing. 

Accordingly, Amharic documents and queries are preprocessed for normalization, tokenization, 

Stopword removal and stemming that prepare the input data for the next task. POS tagging and 

syntactic filtering also applied that help to categorize words to identify important terms. The next 

task is weighting (term-weighting) and identifying sentence representatives of a legal document 

(keyphrases) for the next activity. Similarity measurement also done between each sentences and 

a query based on the co-occurrence of unique terms within a sentence and query. Sentence 

extraction is performed to extract sentences based on their score to make a summary for a user 

query. Finally, Sentence reconstruction/splitting is performed to make each sentence 

comprehensive for the extraction task. Therefore, the higher the sentence contains a query word, 

the more being a candidate sentence that become included in the summary. The final task is 

summary building as an output for the user query. 

2.6.3. TextRank for Sentence Extraction  

According to Mihalcea & Tarau  (2004), to apply TextRank first we need to build a graph 

associated with the text, where the graph vertices are representative for the units to be ranked. 

For the task of sentence extraction, the goal is to rank entire sentences, and therefore a vertex is 

added to the graph for each sentence in the text. In TextRank, we are defining a different relation, 

which determines a connection between two sentences if there is a “similarity” relation between 

them, where “similarity” is measured as a function of their content overlap. Such a relation 

between two sentences can be seen as a process of “recommendation”: a sentence that addresses 

certain concepts in a text, gives the reader a “recommendation” to refer to other sentences in the 
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text that address the same concepts, and therefore a link can be drawn between any two such 

sentences that share common content.  

The overlap of two sentences can be determined simply as the number of common tokens 

between the lexical representations of the two sentences, or it can be run through syntactic filters, 

which only count words of a certain syntactic category, e.g. all open class words, nouns and 

verbs, etc. Formally, given two sentences Si and Sj, with a sentence being represented by the set 

of Ni words that appear in the sentence: Si =wi
1, w

i
2,…, wi

Ni, the similarity of Si and Sj is defined 

as follows in equation 2.2 (Mihalcea & Tarau, 2004): 

Similarity (Si, Sj) =   
Wk|WkЄSi&𝑊𝑘Є𝑆𝑗|

 𝑙𝑜𝑔(|𝑆𝑖|) + 𝑙𝑜𝑔(|𝑆𝑗|) 
       (2.2)  

The resulting graph is highly connected, with a weight associated with each edge, indicating the 

strength of the connections established between various sentence pairs in the text. The text is 

therefore represented as a weighted graph. After the ranking algorithm is run on the graph, 

sentences are sorted in reversed order of their score, and the top ranked sentences are selected for 

inclusion in the summary.  

2.6.4. Sentence representatives (keyphrases) 

According to Hossain et al. (2017), Keyphrases are the words that can easily extract the main 

issues or topics covered in a text document. It is very useful for classifying, clustering, 

summarizing text documents in an effective manner. By finding the most specific words from a 

text, keyword extraction helps the reader to discover the quick overview about documents. So, 

Keywords provides a summary for a document which leads to improved information retrieval 

process (Li & Wu, 2008); (Staveley & Jones, 1999); (Gutwin et al, 2003). Keyphrases extraction 

is necessary and important tools for many reasons (Sarkar, 2011), (Hossain et al, 2017). 

i. keyphrases provide a summarization which helps the readers to make quicker decision 

whether the given article worth in-depth reading,  

ii. They improve document indexing efficiency,  

iii. Enable reader to quickly find an article relevant to a specific subjects or issues and  
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iv. Enable a search engine to make the search more precise for readers 

Many research works have been found in the literature to perform the keyphrases extraction from 

a large document. Some of them use domain-specific knowledge and training sets (Hulth, 2003); 

(Plas, 2004); (Witten et al, 1999). These approaches needed human interaction and need an 

application-specific knowledge. Graph-based text summarization is another effective and popular 

field of research (Matsuo, 2001). According to Wan in 2007, in the graph-based model, various 

approaches and methodologies have been found to find the links between the sentences and the 

keyphrases. Links between sentences build a graph that produces the shortest path from the first 

to the last sentence (Hossain et al, 2017). 

In this proposed study keyphrases used as representatives of a sentences (vertices) in the 

document. Edges are unique words (keyword) that co-occur in between sentences to form a 

keyphrase. After forming a keyphrases the similarity between a sentence and a query calculated. 

Finally, based on their similarity score the sentence arranged and extracted. 

2.6.5. Similarity measurement  

Once weights of terms are calculated, then we can determine similarity of terms. The similarity 

is calculated by widely used cosine measure which is depicted below in equation 2.6 (Premchand 

& Govardhan, 2011). 

  

(2.6) 

 

In this study to rank the sentences based on the query, we adopt cosine similarity measurement 

that was used by Premchand and Govardhan (2011). Unique terms (key-phrases) that co-occur in 

each sentence and if that unique term appears in query terms the sentence becomes more 

important. So, in equation 2.6 document D is replaced with sentence S; accordingly the modified 

cosine similarity is shown in equation 2.7 as follows: 

𝑠𝑖𝑚(𝑄, 𝑆) =  
∑ 𝑤𝑞𝑖∗𝑤𝑠𝑖𝑡

𝑖=1

√∑ (𝑤𝑞𝑖)2∗∑ (𝑤𝑠𝑖)2𝑡
𝑖=1

𝑡
𝑖=1

               (2.7) 
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Each sentences scored based on the terms that are common to a query.  A sentences with having 

more query terms gets highest rank and becomes a part of a summary.  

Score(S) = ∑ 𝑤𝑖. 𝑓𝑖𝑖=1…𝑚          (2.8) 

2.7. The Amharic Language 

Amharic is one of the “Ethio-Semitic” languages belonging to the Semitic branches of Afro-

asiatic languages and is related to Hebrew, Aramaic, Arabic and Syrian. It is the second most 

populous Semitic language next to Arabic and has its own writing alphabets and numeral 

symbols. Amharic has been a written language for roughly 600 years (Adane, 2011). A wide 

variety of Amharic literatures including books, religious writings, fiction, poetry, plays, and 

magazines are available both in printed and machine readable format (Solomon, 2011). 

As pointed out by Martha, (2010), like other Semitic languages such as Arabic, Amharic exhibits 

a root pattern morphological phenomenon and also it uses different affixes to create inflectional 

and derivational word forms (Addis, 2013).  

2.7.1. Amharic Writing System 

Writing system is the use of symbols to represent the sound units of a language systematically 

(Daniel, 2003). The writing system for the Amharic language was adopted from the Ge’ez 

writing system, which belongs to the class of the Semitic language family and used to be the 

literature language of Ethiopia in earlier times (Bender & Hailu, 1978). According to Solomon in 

2011, the widely used Ethiopic alphabet, which is derived from the writing system of ancient 

South Arabian inscriptions, is used for Ge’ez, Amharic, Tigrigna and other Semitic languages. 

The Amharic writing system includes different characters for alphabets, numbers and 

punctuation marks (Abiyot, 2000); (Addis, 2013), which are discussed below. 

Amharic Alphabets 

The Amharic alphabet called (‘ፊደል’, ‘Fidel’), has thirty three characters which occur in one 

basic form. Each of these characters has six additional forms referred to as orders which follow 

regular pattern of vowel usage. Each of these orders uses a consonant and a vowel to represent a 
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phoneme, which makes Amharic syllabic writing system as explained by Bender (1976). Hence 

such languages require as much number of characters as the basic sounds used in the language, 

thus Amharic has 233 different characters and nearly 40 more other characters. Most labialized 

consonants are basically redundant, and there are actually only 39 context independent phonemes 

(mono-phones); of the 275 symbols of the script, only about 233 remain if the redundant ones are 

removed (Asker, Atelach, Gambäck, & Sahlgren, 2007). 

The 233 Amharic characters are comprised of all the alphabets from Ge‟ez language and 

additional some new alphabetic characters that represent sounds not found in Ge‟ez like “ቸ, ጨ, 

ጀ, ኘ, ቨ, ሸ, ኸ, and ዠ” (Solomon, 2011). The 40 additional characters contain special feature 

representing labialization like “ጐ/ gwe” from “ገ/ gä”, “ቊ/ qwe” from “ቀ/ qä”, “ሎ/ luä” from 

“ሊ/ lä” and “ጓ/guä” from “ገ/ gä” (Bender, 1976). However only around 20 of the 40 more 

characters are common and are listed as an appendix on the character list called “Yefidel 

Gebeta”. Each symbol in the alphabet represents a consonant together with its vowel 

(Bethlehem, 2002). 

There are seven vowels in Amharic alphabets “ኣ/ä, ኡ/u, ኢ/i, አ/a, ኤ/e, እ/_, and ኦ/o” which are 

based on their point of articulation grouped as Peripherals “ኡ/u, ኢ/i, አ/a, ኤ/e, and ኦ/o” and 

Central vowels “ኧ/ä and እ/_” which are mostly used than the peripherals. The other idea worth 

mentioning is that two consonants can appear in the middle or at the end of words in a cluster 

whereas clusters at the beginning of the word are very restricted in which “እ/ _” is used. 

Amharic Punctuation 

There are 17 punctuation marks in the Amharic writing system (Abiyot, 2000). However, only 

few of them are practically used, especially in Amharic computer writing system (Theodros, 

2003). For example the punctuation that separates words in Amharic text “ሁለት ነጥብ/ hulet 

netib” which looks like a colon ‘:’ is hardly used in current Amharic writings being replaced by 

an empty space. The sentence separator for Amharic text writing is four dots arranged in a square 

sequence as ‘።’ and is referred as “አራት ነጥብ/ arat netib”. The comma equivalence punctuation 

in Amharic is “ነጠላ ሰረዝ/ netela serez” which is symbolized as ‘፣’ used to separate lists. The 
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equivalence of the semi colon which is used to separate phrasal lists or compound sentences is 

referred as “ድርብ ሰረዝ/ dereb serez” which is denoted by the symbol ‘፤’. Punctuation marks like 

question mark,‘?’and the exclamation mark, ‘!’ are borrowed from the English language and 

used in Amharic language for the same purpose as they are used in other foreign languages 

(Bender, 1976). 

Amharic Numbers 

The number system in Amharic writing has 20 single characters which represent numbers: ones 

(1/፩፣ up to 9/፱), tenths (ten/ ፲ to ninety/፺), hundred (፻) and ten thousand (፼). These characters 

are derived from Greek letters and are modified to look like the Amharic characters by adding a 

horizontal line on top and bottom of each character (Bender, 1976). The Amharic number 

system, however, does not have any representing symbol for zero value and it does not use any 

decimal points and commas. As a result arithmetic computation is very complicated using the 

Amharic number system. It is mainly used in calendar dates to show the dates in the Ethiopian 

calendar. Using the Amharic suffix “ኧኛ/ -ägna” on the cardinal numbers, their ordinal number 

equivalents are formed like “ሁለት/ hulät”/ ‘two’ forms “ሁለተኛ/ hulätäna”/ ‘second’. There are 

numerals that are used to indicate distribution and partitions of something whole like “ሁለት 

ሁለት/ hulät hulät”/ ‘two two’ and “ግማሽ/ gemash”/ ‘half’, “ሲሶ/ siso”/ ‘one third’, “እሩብ/ rub”/ 

‘quarter’ (Daniel, 2003).   

2.7.2. Characteristics of the Amharic Writing System 

Some of the Characteristics of the Amharic Writing System include the following (Bethlehem, 

2002). 

i. Formation of Compound Nouns 

Bender and Ferguson (1976) indicate that compound nouns are sometimes written as two 

separate words and sometimes as a single word. For example,”ማዕድ ቤት“ and ”ማድቤት”, which 

literally mean “dining room”; ”ብርድ ልብስ“ and “ብርድልብስ“ which mean “blanket”; ”ብረድስት” 



27 
 

 
 

and ”ብረት ድስት” which both mean “metal cooking pot”; ”ቤተመቅደስ“ and  “ቤተ መቅደስ“ which 

are the same words for “temple” and so on (Bethlehem, 2002). 

ii. Problems of Transliteration 

When foreign terms are transliterated in Amharic, different spellings may be used; as varied as 

the number of possible pronunciations (Bender, 1970). For example, the word “Oxford” may be 

transliterated as ኦክስፈርድ (oxferd) or ኦክስፎርድ (oxford). Such different transliterations usually 

result in text from use of loan words (words borrowed from other languages and that do not have 

their own translation in Amharic) (Bethlehem, 2002).  

Some examples of such loan English words transliterated in to Amharic are listed below in table 2.1. 

English Words transliterated in Amharic  English word 

ቴሌብዥን ቴሌቪዥን Television 

እስፖርት ስፖርት Sport 

ዳይሬክተር ዲሬክተር Director 

አውሮፕላን አይሮፕላን Airplane 

ብስክሌት ቢስክሌት Bicycle 

ሻምፒዮን ሻምፒዎን Champion 

ኤሌክትሪክ ኤሌትሪክ Electricity 

ሬፑብሊክ ሪፐብሊክ Republic 

Table 2.1 Sample English Words transliterated in Amharic 

iii. Different Symbols with the Same Sound 

The different symbols with the same pronunciation also pose a problem in making words appear 

different (not in meaning, but in spelling.) Although in the Ge’ez language, these different 

symbols give each word different meanings, in the Amharic language they have been used 

interchangeably. The class of symbols with the same sound falls into two (Getachew 1967; 

Bender et al. 1976). 

1. The same sound for the first and fourth order alphabets. 
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2. Different alphabets that share the same sound. 

The following belong to the class of the first type. Letters in the same row share the same sound 

(Bethlehem, 2002)          

 

 

 

 

 

Table 2.2: Letters that share the same sound 

iv. Different Ways of Writing the Same Word 

There are also different ways of writing (spelling) the same Amharic words. Consider the 

following Amharic words, ”ብራቢሮ“ and “ቢራቢሮ” are the two ways of writing the word 

“butterfly”, and also “ኢትዮጵያ’’ and ‘’ኢትዮጲያ“ are to say “Ethiopia”. 

2.7.3. Amharic Word Classes  

There are different researches done to study the linguistic characteristics of Amharic which 

categorize the words differently. Mesfin (2001) grouped the researches in to two as early and 

recent works. The  early  works  such  as  Mersehazen (1934)  categorized  the  Amharic words  

into the following eight parts of speech  (POS): Noun, Verb, Adjective, Adverb, Preposition,  

Pronoun,  Conjunction  and  Interjection  (Daniel,  2003).  Whereas  recent  works  like  (Baye,  

1998)  classified  the  words under five parts  of speech: Noun,  Verb, Adverb, Adjective and 

Preposition.  The  pronouns  and  conjunctions  are  included  under  noun  and  preposition 

categories,  respectively.  Interjections are not considered as part of speech at all, since they are 

words without syntactic functions (Daniel, 2003). 

Any Amharic word can be categorized in any one of the above recent classes. However one has 

to consider the context of some words to properly categorize them into the word classes. For 

example the word “አበበ/ abäbä” which means “it flourished” can be either a proper name and 

1st order 4th order 

ሀ ሃ 

ሐ ሓ 

ኅ ኃ 

አ ኣ 

ዐ ዓ 



29 
 

 
 

categorized as a noun or  a verb representing its meaning in the context of the sentence it is used.  

Other names like “አየለ/ Ayälä”, “ከበደ/ Käbädä”, “በቀለ/ Bäkälä”, etc. can also be taken  as  an  

example  with  the  same  feature.  Prefixes like “በ/ bä”, “ስለ/ s_lä”, etc. can be considered as 

both conjunctions and prepositions. 

According  to  Williams  (1981)  there  are  two  methods  that  can  be  used  to  identify  lexical 

classes of a word to solve the problem of the prefix categorization. One is by Morphological 

analysis  which  considers  the  type  of  suffixes  a  given  word  takes.  Amharic  nouns,  for  

example,  do not take “-አች/  -äch” as a suffix while perfective verbs do. The other one is by  

Syntactic analysis  which is considering the position of a word in a given sentence. From the  

sentence  structure  of  the  Amharic  language  we  can  see  that  verbs  do  not  come  at  the  

beginning of a sentence as the first word and nouns do not come at the end, provided that the 

sentence is a declarative sentence (Baye, 2000 E.C.). 

2.7.3.1. Noun  

These are words used to identify or name a class of people, places, things, ideas, etc. or any 

member of these classes (Daniel, 2003).  It usually consists of common pronouns and proper 

nouns that usually take the “-ኦች/ -och” and “-ne” as a suffix for plural and for accusative case 

marker. A noun can be identified either morphologically if it can take the above  suffix  or  

syntactically  if  it  comes  after  demonstrative  pronouns  or  modified  by  adjectives.  Amharic 

nouns can be either primitive or derived. Primitive nouns are words that exist in  their  original  

form ; And derived  nouns  are  nouns  that  originated  from  different state or completely 

different categories. For example, the noun “ጎረቤት/ goräbet” which means ‘neighbor’ can be 

taken as primitive noun and “ጎረቤትነት/ goräbetnät” which means ‘being neighbor’ can be taken as 

derived noun. 

2.7.3.2.Verb  

These  are  words  that  usually  come  at  the  end  of  a  declarative  sentence  which  is 

grammatically  complete  in  Amharic  language.  This is an important property of the Amharic 

verbs (Baye, 2000 E.C.).  In order to grammatically agree with the subject of the sentence, they 

usually take subject maker suffixes as “-ሁ/ -hu” for ‘I’, “-ህ/ -h” for ‘I’ “-ህ/ -h” for ‘He’, “-ች/ -

ch” for ‘She’, and so on. 
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2.7.3.3. Adverb  

Adverbs refer to places, time, circumstances, etc. of the action which is represented in the verb of 

the sentence (Daniel, 2003).  In Amharic, adverbs that are found in their primitive form are very 

few and they do not attach any kind of affixes.  Therefore, phrases that are combinations of 

prepositions and some other words like nouns (e.g. “በኋይል/ bä-hayl” which means ‘by force’) or 

prepositions and adjectives (e.g.  “በደህና/  bädähna”  which means  „well‟)  perform  the  

functions  of  adverbs  in  the  language.  Moreover  there  are adverbs of position which are 

known as Noun Adverbs that function either as a noun or as an adverb depending on the context 

they are used in  (Daniel, 2003).  For example,  the word “ውስጥ/ w_st” in “ወደ ውስጥ ገባ/ wädä 

w_st gäba” which means ‘He entered inside’ is used as a noun while in “በውስጥ  ይሰራል/  bä-w_st 

yäsäral” which means ‘He works in’ it is used as an adverb  (Atelach, 2002).  The most common 

adverbs in Amharic include “ገና/gäna” which means ‘still’, “ቶሎ/  tolo” which means ‘quickly’, 

“እንደገና/_ndägäna” which means  ‘again’,  “ክፉኛ/  k_fugna”  which  means  ‘severely’  and  

“መናኛ/  menagna”  which means ‘foolish’ (Getahun, 1998). 

2.7.3.4.Adjective  

Adjectives  in  Amharic  sentence  come  before  nouns  and  serve  as  modifiers  of  nouns  

which follow them. For example, consider the sentence “እሱ  በጣም  ጎበዝ  ልጅ  ነው/  _su bätam  

gobäz l_j näw”/ ‘he is a very cleaver boy’, where there are two adjectives “በጣም/  bätam”/  ‘very’  

and  “ጎበዝ/  gobäz”/  ‘cleaver’.  The  adjective  “በጣም/  bätam”/  ‘very’  modifies  the  adjective  

“ጎበዝ/  gobäz”/  ‘cleaver’  and  the  adjective  “ጎበዝ/  gobäz”/  ‘cleaver’ in  turn modifies the noun 

“ልጅ/  l_j”/ ‘boy’  (Tesfaye, 2002).  Just like nouns, adjectives also can be primary which are 

very small in number or derived. 

2.7.3.5.Prepositions  

These are words that will have meanings only when they are attached to another word or are 

used together with other word classes like nouns, verbs and adjectives. The Amharic prepositions 

includes affixes like “ከ/  kä”, “ለ/  lä”, “የ/  yä”,  “በ/  bä”, “ስለ/  slä” and so on which stands for 

‘from’, ‘for’, ‘that or of’,  ‘with’  and ‘about or for’,  respectively.  They are used to form 

adverbial phrases that appear preceding nouns and take various forms. They can appear as simple 

preposition that stands alone as a word or as a prefix to a word.  
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For  example,  in  the  phrase  “ስለ ሙዚቃ/  s_lä  musica”  which  means  ‘about music’  the 

preposition “ስለ/  s_lä” appears as a word. Whereas,  the preposition “በ/  bä”  appears as a prefix 

to the noun “ፈረስ/  färäs”/ ‘horse’ in the phrase “በፈረስ/  bä-färäs”  which means ‘by horse’  and  

as  a  prefix  to  a  verb  in  the  phrase  “በመጣ/  bä-mäta”  which  means  ‘wish  he comes’.  

However,  when  they  are  prefixed  to  verbs  they  form  different  types  of subordinate  

clauses  that  are  typical  components  of  complex  sentences  (Daniel,  2003). 

2.8. Related Works 

Law judgments form the most important part of a lawyer’s or a law student’s study materials. In 

order to find a solution for legal problems that are not directly covered by the notified laws, 

lawyers look into previous judgments for possible precedents. Legal users constitute a law 

jurisprudence precedent from which it is possible to extract a legal rule that can be applied to 

similar cases. One reason for the difficulty in understanding the main theme of a legal case is the 

complexity of the domain, specific terminology of the legal domain and legal interpretations of 

expressions producing many ambiguities. Currently, selected judgments are manually 

summarized by legal experts. The ultimate goal of legal summarization research would be to 

provide clear, non-technical summaries of legal judgments. 

2.8.1. Foreign works 

Moens, Uyttendaele, & Dumortier (1999) done a project called SALOMON which automatically 

extracts informative paragraphs of text from Belgian legal cases. SALOMON extracts relevant 

text units from the case text to form a case summary. Such a case profile facilitates the rapid 

determination of the relevance of the case or may be employed in text search. Techniques are 

developed for identifying and extracting relevant information from the cases. A broader 

application of these techniques could considerably simplify the work of the legal profession. In 

this project a double methodology was used. First, the case category, the case structure, and 

irrelevant text units are identified based on a knowledge base represented as a text grammar. 

Consequently, general data and legal foundation concerning the essence of the case are extracted. 

Secondly, the system extracts informative text units of the alleged offences and of the opinion of 

the court based on the selection of representative objects. A test set of criminal cases was 

carefully chosen in a way that it is representative for the complete corpus. The output of the 
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initial categorization and structuring and of the subsequent abstracting of the alleged offences 

and opinion of the court, was evaluated in terms of effectiveness metrics.  

The metrics are computed for 1000 cases. For the case category an average recall and precision 

of respectively 95% and 99% are achieved. For the case segments an average recall and precision 

of respectively 88% and 93% for general decisions and respectively 66% and 88% for special 

decisions is obtained. SALOMON can simplify the lawyer’s job a great deal. It does not provide 

the user with ready-made answers to complicated legal cases. But, it directs him towards 

documents where the answer must be found. SALOMON is a tool telling the lawyer about the 

crimes, the law and the topics of the argumentation of the judge in a certain case. 

SUM is an EPSRC (Engineering and Physical Sciences Research Council) research project of the 

Language Technology Group, based in the Institute for Communicating and Collaborative 

Systems of Edinburgh's School of Informatics (Grover, et al., 2003). This project uses 

summarization to help address the information overload problem in the legal domain. The main 

focus of this project is the sentence extraction task and methods of structuring summaries. It has 

been argued that most practically oriented work on automated summarization can be described as 

based on either text extraction or fact extraction. In these terms, the Teufel & Moens, (2002) 

approach can be characterized as augmented text extraction: the system creates summaries by 

combining extracted sentences, but the sentences in the source texts are first categorized to 

reflect their role in the rhetorical or argumentative structure of the document. This rhetorical role 

information is used to guide the creation of the summaries and to permit several summaries to be 

created for a document, of which each one is tailored to meet the needs of a different class of 

users. The system performs automatic linguistic annotation of a small sample set. The hand-

annotated sentences in the set are used in order to explore the relationship between linguistic 

features and argumentative roles. The HOLJ Corpus (Grover, Hachey, and Hughson, 2004) is 

used in this work which comprise of 188 judgments delivered in the years 2001-2003 taken from 

the House of Lords website. The entire corpus was automatically annotated with a wide range of 

linguistic information using a number of different NLP components: part-of-speech tagging, 

lemmatization, noun and verb group chunking, named entity recognition (both general and 

domain-specific), clause boundary identification, and main verb and subject identification. The 

approach used in this study can be thought of as a more complex variant of template filling, 
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where the slots in the template are high-level structural or rhetorical roles, and the fillers are the 

sentences extracted from the source text using a variety of statistical and linguistic techniques 

exploiting indicators such as cue phrases. Feature set includes elements such as location of a 

sentence within the document and its subsections and paragraphs, cue phrases, information on 

whether the sentence contains named entities, sentence length, average TF*IDF term weight, and 

data on whether the sentence contains a quotation or is inside a block quote. Maximum entropy 

model has been used for sequence labelling framework (Grover, Hachey, and Hughson, 2004). 

The rhetorical roles identified in the study are Fact, Proceedings, Background, Proximation, 

Distancing, Framing and Disposal.  This work concentrated on the identifying the rhetorical 

structure of the HOLJ domain and registered 71.25 recall, 83.74 precision and 76.99 F-measure. 

Employing feature construction and selection techniques for identifying the relationship between 

tense features and employing feature mining techniques for automatically identifying cue phrases 

within sentences are taken as future research direction. 

LetSum (Legal Text Summarizer) is a prototype system (Farzindar & Lapalme, 2004) which 

determines the thematic structure of a legal judgment along four themes: Introduction, Context, 

Judicial Analysis and Conclusion. LetSum is used to produce short summaries for legal decision 

of the proceedings of federal courts in Canada. This method investigates the extraction of the 

most important units based on the identification of the thematic structure in the document and the 

determination of argumentative themes of the textual units in the judgment (Farzindar & 

Lapalme, 2004). The generation of summary is done in four steps: thematic segmentation to 

detect legal document structure, filtering to eliminate unimportant quotations and noises, 

selection of the candidate units and production of structured summary. The presentation of the 

summary is in a tabular form along with the themes of the judgment. LetSum evaluated in two 

steps; first the evaluation of the modules of the system and second, a global evaluation of 

produced summaries. The evaluations of components of LetSum are very promising; it obtained 

90% correct segmentation for thematic segmentation module and 97% correct detection for 

filtering stage (correct detection of 57 quoted segments over 60). For intrinsic evaluations, a pilot 

study conducted on 10 long judgements (average 8 pages). The summaries produced compared 

by machine with the reference summaries written by professional abstractors. The evaluation 

was Recall-based, which measures how many of the reference summary sentences the machine 
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summary contains. For measuring recall ROUGE software used. The performance evaluation 

score shows that ROUGE-1 (57%), ROUGE-2 (31%), ROUGE-3 (20%), ROUGE-4 (15%) and 

ROUGE-L registers (45%). While LetSum performed relatively well against the human-provided 

summaries, the shortened text was found to be too long. 

Summary Finder is a study conducted by Schilder & Molina-Salgado, (2006), which leverages 

the repetition of legal phrases in the text by using graph-based approach. The graphical 

representation of the legal text is solely based on similarity function between sentences. The 

similarity function as well as the voting algorithm used on the derived graph representation is 

different from other graph-based approaches (e.g. LexRank). In general, for legal text, some 

paragraphs summarize the entire text or at least parts of the text. In order to find such paragraphs, 

this method computes inter-paragraph similarity scores and selects the best match for every 

paragraph. The system acts like a voting system where each paragraph casts a vote for another 

paragraph (its best match). The top paragraphs with most votes were selected as the summary. 

The vote casting can be seen as a similarity function based on phrase similarity. Phrase similarity 

is computed by looking for phrases that co-occur in two paragraphs. The longer the matched 

phrase, higher the score will be. The evaluation was carried out for 50 word long summaries 

which is the average length of a head note. The summary finder performance evaluation 

measured using ROUGE, Gestalt (a string comparison algorithm). ROUGE-2 measure performs 

90%, ROUGE-SU4 93% and Gestalt 85%.  

Ouyang et al. (2011) proposed a method based on regression models to produce a single 

summary from a document set based on user’s query. The proposed method assigns a score to 

each sentence using sentence features and a composite function. It uses seven features for 

sentence scoring. These features contain three query-dependent features and four query-

independent features. Query-dependent features include the word matching feature, semantic 

matching feature and named entity matching feature. The query independent features include the 

word TF*IDF feature, stop-word penalty feature, and sentence position feature. The word 

matching feature indicates the number of words that the user’s query and a document sentence 

share. The semantic matching feature uses a lexical dictionary to expand the query. The named 

entity matching feature contains the number of common named entities in a document sentence 

and the user’s query. The word TF*IDF feature uses the TF*IDF approach to determine 
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important words in a text document. The sentence position feature assumes the sentence at the 

beginning of the document or the paragraph presents the main idea of the document. To rank 

each sentence, a composite function based on the SVR approach (Basak et al. 2007) is used to 

calculate the sentence score using this feature set. Finally, the method uses the maximum 

marginal relevance (MMR) approach to select sentences. First, all sentences are ordered 

according to their scores from high to low. Then, the sentences of the summary text are chosen 

as follows. The method compares the current sentence with other sentences before selection. If 

the similarity between the current sentence and the other sentence does not exceed the N value 

(N defined by user), the sentence is considered a summary sentence (Abdi, Idris, Alguliyev, & 

Aliguliyev, 2015). The performance evaluation report using ROUGE software and the result is as 

follows: ROUGE-1 0.4018, ROUGE-2 0.0926 and ROUGE-SU40.1485 (Abdi, Idris, Alguliyev, 

& Aliguliyev, 2015). 

2.8.2. Local works 

Reviewing local related works is highly significant for any researcher in order to see the research 

gaps in the particular domain. 

Teferi (2005) uses Naïve Bayes classifier (using the machine learning tool WEKA11 (Hall et al. 

2009) to create a single document summarization system. 480 news articles are used for 

experimentation, where 20 of them are used for testing and the rest for training. The test set has 

an average sentence number of 9.2 sentences. The 480 articles have an average of at most 6.7 

sentences. Each document has a corresponding manual summary created by three different 

summarizers. The features used for training are presence of title words, location feature (first, 

middle, and last) and keyword (frequent words). Summarization is performed at 30% extraction 

rate. The system has a precision of 0.8, recall of 0.833 and an F-score of 0.816. These high 

values could be attributed to the very short news articles considered for testing purposes. For the 

keyword feature, the use of the top three keywords has been shown to be sufficient. This seems 

to be a reasonable quantity due to the use of very short articles for the experimentation. Teferi 

reports that the use of a single feature for summarization gives a very poor result while the use of 

all features results in the best system performance (Asefa, 2015). 
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Helen (2006) produced a single document summarizer for legal judgments. She uses two 

statistical features to score sentences: cue phrases and sentence location. Documents to be 

summarized are manually segmented into five thematic areas: introduction, reason, fact, judicial 

analysis and decisions. A summary is generated for each segment at a given extraction rate and 

combined to give a single summary. Sentences with the highest weight are selected at 20% and 

10% extraction rates from each segment and are merged together to serve as a single summary 

for the document. The system has the following performance: at 20% extraction rate, precision = 

0.339, recall = 0.576, F-measure = 0.427 and at 10% extraction rate, precision = 0.392, recall = 

0.506 and F-measure = 0.441. These performance values might decrease if the segmentation was 

made automatically (Helen, 2006). Due to the approaches applied in the study are ignorant of the 

relations among textual units in the document, salient sentences that reflect the core concept of 

the document may not be included in the summary. 

Eyob Delele and Dejene Ejigu (2012) investigates a study on topic based Amharic text 

summarization with probabilistic latent semantic analysis. It explores the problem of building a 

concept based single document Amharic text summarization system. The proposed algorithms 

are language and domain independent and hence can also be used for other local languages, more 

specifically it propose to use the topic modeling approach of probabilistic latent semantic 

analysis (Eyob & Dejene, 2012). They used 60 news articles from Ethiopian reporter website and 

tested the system using six algorithms. Namely; JWTS (joint word topic sentence) algorithm, 

CWTS (conditional word topic sentence) algorithm, JWS (joint word sentence) algorithm, CWS 

(conditional word sentence) algorithm, KITS (keywords in topic simplex) algorithm and KIVSM 

(keywords in vector space model) algorithm. They used 20%, 25% and 30% extraction rates to 

extract summaries. Out of the proposed six algorithms, JWS performs the best. JWS selects 

keywords that are dominant across all topics and ranks these keywords based on a joint 

probability measure. JWS gives the best performance of F-measure 0.454 for 20% and 0.486 for 

25% extraction rate summaries while JWTS gives the best performance F-measure of 0.517 for 

the 30% extraction rate summary. Though, their approach do not use term weighting which is 

highly important to identify the most representative words of the text document after removing 

stop words and also it’s a generic based summarization system it doesn’t fulfill the information 

need of a user.  
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Addis (2015) customizing an open source tool, Open Text Summarizer (OTS3), to extract 

summary from Amharic news texts and to test its performance. His work uses frequency of terms 

to determine the relative importance of a sentence in a text. As his work emphasize testing the 

performance of the tool, he used two experimental setups: E1, where the original Porter stemmer 

employed, and E2 that uses stemmer adopted from the work of (Tesema, 2007). Addis conducted 

two experiments, which he called them E1 and E2. For testing the OTSs performance, he used 30 

news texts which were collected from different sources along with 90 ideal summaries prepared 

by two independent human evaluators three for each news text with extraction rates of 10%, 

20%, and 30%. EXP1 performed 46.22%, 53.86%, and 66.23% with extraction rates of 10%, 

20%, and 30% .EXP2 also performed average F-measure of 34.42%, 56.68%, and 72.37% with 

extraction rates of 10%, 20%, and 30% respectively. Based on experimental results revealed that 

E2 outperformed E1 and performance of OTS in summarizing Amharic text was promising. It’s 

a pure statistical approach and failed to capture the main theme of a document or important 

sentences may not be selected. 

The other local work “query-based automatic summarizer for Afaan Oromo text” is conducted 

by Asefa in 2015. He used vector space model (VSM) of IR to compute the significant sentence 

score and rank the sentences in the document. He also used position method along with VSM in 

attempt to improve the quality produced final summary. Forty Afaan Oromo news articles had 

been used and two distinct experiments were conducted. In experiment one (EXP1) the 

significance scores of sentences are calculated by cosine similarity to the title vector to rank the 

sentences the document. In the second experiment (EXP2) the significance scores of sentences 

are calculated using the sum of both cosine similarities to the title vector and position method 

with given weighting value obtained through experiments.  

Then after, system generated summaries evaluated using intrinsic evaluation method which 

evaluate the performance of the proposed system objectively and the linguistic quality 

(informativeness and coherence) subjectively for three extraction rate (10%, 20% and 30%). The 

results of objective evaluation have shown that the use of combined score (cosine similarity and 

position score) led to better performance than the use of a single score (only cosine similarity) 

for three extraction rates of (10%, 20% and 30%). The objective evaluation result of EXP1 is at 

extraction rate of 10%, 20% and 30% is 88%, 70% and 73%, and EXP2 is 82%, 78% and 82% 
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respectively. In addition to this, the results of subjective evaluation also performed at same 

extraction rate like objective evaluation. The subjective evaluation for EXP1 is 55%, 67%, and 

79% and EXP2 also 59%, 77%, and 91% at 10%, 20% and, 30% extraction rates (Asefa, 2015). 

News articles in general are written in such a way that the information presented is arranged in 

descending order of importance. The most important information is placed at the beginning of 

the news article followed by less important information (Saravanan et al., 2005). Therefore, the 

position method is document genre dependent which is basically used for news domain and not 

for other domains.   

2.8.3. Research gap 

The related works review shows that, there are systems designed for Amharic ATS using a 

generic form of summarization. However, nowadays since users are interested to retrieve 

relevant documents from huge collections that satisfy their information need, designing a query-

based text summarizer is necessary to target the summarization task users oriented. Accordingly, 

there is no research conducted for query-based summarization for Amharic legal documents. To 

fill the gaps this study attempts to explore and design a query-based ATS for Amharic language 

that enables the users to get a summary of document based on their need. When comparing a 

generic application of text summarization with query oriented, the user can access as per her/his 

(query) request rather than a title oriented (generic) summary and gets satisfaction. Therefore, we 

need the query-based Amharic summarization beside the gaps. 
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3. DESIGN AND IMPLEMENTATION 

3.1. Overview  

The aim of this study is to design a query-based Amharic legal text summarizer that enables the 

users to get a legal text summary based on their information request. This chapter presents about 

methodology, research design, system architecture and implementation of Amharic legal text 

summarizer for single documents. 

3.2. Methodology of the study 

In this study query-based automatic text summarization is developed to extract a summary of text 

from Amharic legal single document based on the users query.  

According to Rajasekar, Philominathan, & Chinnathambi (2013), Research methodology is a 

systematic way to solve a problem. It is a science of studying how research is to be carried out. 

Essentially, the procedures by which researchers go about their work of describing, explaining 

and predicting phenomena are called research methodology. It is also defined as the study of 

methods by which knowledge is gained (Rajasekar, Philominathan, & Chinnathambi, 2013). Its 

aim is to give the work plan of research. 

It is necessary for a researcher to design a methodology for the problem chosen. One should note 

that even if the methods considered in two problems are same the methodology may be different. 

It is important for the researcher to know not only the research methods necessary for the 

research under taken but also the methodology, i.e. the step-by-step procedure to follow and the 

methods to be applied with reason (Rajasekar, Philominathan, & Chinnathambi, 2013). 

As noted by Rajasekar, Philominathan, & Chinnathambi (2013), the research methodology will 

help to define, mainly: which is a suitable method for the chosen problem? what is the order of 

accuracy of the result of a method?and ,what is the efficiency of the method?   

Therefore, Consideration of what is to be done, how it is to be done and why it is to be done 

constitute a research methodology (Rajasekar, Philominathan, & Chinnathambi, 2013). Journal 

articles, books, conference proceedings, reports and internet resources are used to identify 

methods, techniques and related works with this study. 
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3.2.1. Research Design 

In this study we follow experimental research. The main reason for selecting experimental 

research for this study is the problem solving nature of it. Using experimental research two 

things will go together, the one is the theoretical and the other is testing; every scientific theory 

needs experimentation in order to validate the functionality of the system. The theory adopted 

was that the research questions that the study should attempted to answer. Through testing the 

research questions of a given study answered. The research question are assumptions that the 

study try to answer at the end of the study.  

Tedre & Moisseinen (2014) and McCracken et al. (1979) describe that, experimental research is 

“not only the construction of new kinds of computer and software systems, but also the 

measurement and testing of the performance of the systems”. Experimental procedures are; 

Problem identification of the study, Review relevant literature on the study area, Setting research 

questions and objectives on the problem area, Construct an experimental design, Conduct the 

experiment using the appropriate summarizer algorithms of the study area, Compile the outputs 

of the algorithms and finally Present findings and conclusions of the study. 

In informatics research, experimentation is critical for every design (model) or for an algorithm 

to ensure its functionality through testing until it scored satisfied result. Therefore, experimental 

research is selected to test the two algorithms (TextRank and TF*IDF weighting) that help to 

identify a better algorithm from one another to get a quality summary of a document. The reason 

why TF*IDF and TextRank summarizer algorithms selected from other summarizer algorithms 

stated as follows. Since, TextRank algorithm is fully unsupervised no training is necessary. 

TextRank is very well suited for applications involving entire sentences, since it allows for a 

ranking over text units that is recursively computed based on the information drawn the entire 

text. TextRank primarily used for single document and can be used for multi-document 

summarization. Unlike other summarizer algorithms TextRank is easy to understand and 

implement. 

TextRank algorithm has some major advantages over other summarizer algorithms which make 

it a natural choice for using in extractive summarization. Its language independent; the TextRank 

algorithm is based only on word concurrence and does not require any knowledge of the 
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grammar. This excludes the need for the creating tools dedicated to particular languages. It’s 

well defined and developed; at the moment many implementations of the algorithm exist making 

it easily available for developers, who wish to utilize its properties.  

In TF*IDF algorithm also, the sentences are ranked on the basis of term and document 

frequency. The similarity between query vector and sentence vectors is calculated then the 

highest scoring sentences are included in summary. The advantages of TF*IDF over other 

summarizers is that it’s best for Query based text summarization. It extracts sentences that are 

related with the user query. TF*IDF can be applicable on both single and multiple documents 

while some other summarizer algorithms used only for multiple documents or for single 

documents. TF*IDF is a simplest way to build a summary using a TF and IDF weighting features 

to score a sentence than being computationally very complex like other summarizers.   

TF*IDF is easy to compute. You have some basic metric to extract the most descriptive terms in 

a documents using it. TF*IDF is used to weigh a keyword in any content and assign the 

importance to that keyword based on the number of times it appears in the document. More 

importantly, it checks how relevant the keyword is throughout the web, which is referred to as 

corpus. In this study TF*IDF algorithm is selected because it’s appropriate method to extract 

important sentences from the document that are related with the user query. 

3.2.2. Data Sources  

The legal Amharic single document is used as an input for the system to generate a summary of 

each cases for the user. For this study documents related to Amharic legal judgment have been 

collected from the Federal Supreme Court official website (http://www.fsc.gov.et). Different 

cases (cassation decisions) have been collected from Ethiopian Federal Supreme Court (FSC) as 

a secondary source by the researcher to build the summarization system. The dataset used for this 

study has 30 legal judgments. For each legal judgment the two manual summarizers prepare a 

reference summary with 15%, 25%, and 30% extraction rates. The reference summary is a 

summary prepared manually for evaluation purpose and compared with system summary.  

http://www.fsc.gov.et/
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3.2.3. Development Tools and Techniques 

TextRank and TF*IDF are techniques employed for the extraction process of a summary from 

Amharic legal judgment. Textrank and TF*IDF weighting algorithm selected for this study both 

are language independent algorithms and can be applicable for any language.  

A tool for the development of query-based automatic text summarization is python programming 

language. Python 3.80 integrated development environment library (IDEL) have been used to run 

the code. Python is a programming language which can be used for the general-purpose. Python 

was developed by Guido van Rossum (Doty, 2008), and it is free software. Python is also free in 

other important ways, for example you are free to copy it as many times as you like, and free to 

study the source code, and make changes to it. Python is easy to learn, easy to read, easy to 

maintain, a broad standard library, interactive mode, portable, extendable, provides interfaces for 

databases, and scalable. 

The major reason why python programming language selected for this study form other 

programming languages are python used as a general purpose programming language; unlike 

other programming language python can precisely manage datasets and work much more 

efficiently on text operations. Python is a well suited to the special requirements of natural 

language processing (NLP). There are many things about python that make it a really good 

programming language choice for an NLP. The simple syntax and transparent semantics of this 

language make it an excellent choice for researches or projects that include NLP tasks. Its large 

and robust standard library makes python score over other programming languages. The standard 

library allows to choose from a wide range of modules according to a precise needs. Each 

module further enables to add functionality to the python application without writing additional 

code.  

3.2.4. Evaluation method  

There are many performance evaluation measures applied for text summarization, among that 

co-selection measures were used to evaluate the performance of the summarizers. For this study, 

the summarizers are evaluated using objective methods, such as recall, precision and F-measure 

and subjective methods such as informativeness and coherence. Co-selection based summaries 

can determine the quality of a summary based on the number of sentences that are common to 
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ideal and automatic summaries. For this study, the known Information retrieval metrics methods 

recall (R), precision (P), and F-measure have been used to evaluate the summarizers performance 

objectively. Recall measures how many of the sentences in the human summary are extracted in 

the system summary. Precision measures how many of the sentences in the system generated 

summary are in the reference human summary (Addis, 2013). F-measure is the harmonic mean 

of recall and precision (Melese, 2009).   

Recall (R): is total number of important sentences retrieved / total number of important sentences 

present. 

𝑅𝑒𝑐𝑎𝑙𝑙(𝑅) = 𝑐𝑜𝑟𝑟𝑒𝑐𝑡/(𝑐𝑜𝑟𝑟𝑒𝑐𝑡 + 𝑚𝑖𝑠𝑠𝑒𝑑)       (3.1) 

Precision (P): number of important sentences / total number of sentences summarized.  

 𝑃𝑟𝑒𝑐𝑖𝑠𝑖𝑜𝑛(𝑝) = 𝑐𝑜𝑟𝑟𝑒𝑐𝑡/(𝑐𝑜𝑟𝑟𝑟𝑒𝑐𝑡 +  𝑤𝑟𝑜𝑛𝑔)         (3.2) 

F-measure (F) = total number of words in the summary / total number of words in original 

document. 

  𝐹 − 𝑚𝑒𝑎𝑠𝑢𝑟𝑒(𝐹) = 2 ∗ 𝑅 ∗ 𝑃/(𝑅 + 𝑃)            (3.3)                                                                                                                                                                                                                                                                                                                                                                                                                                  

Where:   

 Correct = the number of sentences in both the summarizer’s summary and the reference 

summary,   

 Wrong = the number of sentences in the summarizer’s summary but not in the reference 

summary,  

 Missed = the number of sentences in the reference summary but not in the summarizer’s 

summary. 

Subjective evaluation also done by selected six evaluators to evaluate system generated summary 

based on coherence and informativeness of the summary. Coherence can be measured by having 

humans rank summary sentences for coherence and compare the ranks with the scores for 

reference summaries or source sentences. Informativeness also measured by comparing the 

system generated summary with the input text being summarized analyzing how much of 
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information from the input is represented in the summary, informativeness of the summary can 

be measured (Addis, 2013). 

3.3. The Architecture 

As shown in the below figure 3.1, query-based automatic Amharic text summarization involves a 

number of tasks in two phases. First the collected Amharic documents are processed to make 

them ready for summarization. Then the given users query is also processed following the same 

steps applied for Amharic legal document processing. Accordingly, Amharic documents and 

queries are preprocessed for normalization, tokenization, Stopword removal and stemming that 

prepare the input data for the next task. POS tagging and syntactic filtering also applied that help 

to categorize words to identify important terms. The next task is weighting (term-weighting) of 

query terms and keyphrases to identify sentence representatives of a legal document (keyphrases) 

for the next activity. Similarity measurement (scoring) also an activity done between each 

sentence representatives and a query based on the co-occurrence of unique terms among them. 

Next, Sentence extraction is performed to extract sentences representatives based on their score 

to make a summary for a user query. Therefore, the higher the sentence representatives contain a 

query word, the more being a candidate and included in the summary. After the sentence 

representatives are extracted the next task is sentence reconstruction/splitting to make each 

sentence comprehensive for the summary extraction. The final task is summary building as an 

output for the user query. The proposed architecture of query-based Amharic legal text 

summarization is presented in figure 3.1 below. 
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Figure 3.1: The proposed Architecture                  
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3.4. Pre-processing  

Pre-processing is the most important and language dependent task that prepare the input text into 

a format that is suitable to the text summarization process (Kifle and Martha, 2017). Here Pre-

processing tasks: normalization, tokenization, removal of stopwords, and stemming are discussed 

as follows. 

3.4.1. Normalization  

The normalization component of the preprocessing step handles the challenge of character 

variants in Amharic text writing (Teshome, 2009). The main function of the component is to 

replace the alphabets that have the same pronunciation and use with one of the alphabets. For 

example, the variants letters ሀ፣ ሐ፣ ኀ፣ ኸ are represented by the common letter ሀ, letters ሰ፣---- are 

replaced by ሰ, አ፣ ዐ are also represented by አ.  

 

Figure 3.2: The normalization algorithm (Teshome, 2009) 

3.4.2. Tokenization  

According to Manning, Raghavan and Schutze, (2009) and Divya (2013), tokenization is the task 

of breaking up the given character sequence or document unit into small pieces called tokens, 

simultaneously omitting certain characters, such as punctuation marks. 
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In this study we are applying word and sentence level tokenization; the first task is word level 

tokenization. The input single document is splitted in to a set of words. Then a set of words after 

removal of stopwords stemmed and tagged and well prepared for the next task term weighting. 

Sentence level tokenization is splitting the documents in to set of sentences. The sentence 

splitted using the known Amharic delimiters (።,?,!). Sentence tokenization done after weighting 

and sentence representatives (keyphrases) are identified. The legal single document (.txt) is taken 

and prepared for tokenization process. The document contains words (tokens), punctuations and 

special characters. 

 

Figure 3.3: The tokenization algorithm (Hassen, Solomon, 2010) 

3.4.3. Removal of stop-words  

Since stop and function words have no discriminating power for information retrieval they must 

be removed. The Amharic language has its own stop words. Since there is no a standard 

stopword for Amharic language we took  list of stop words from the work of Teshome Kassie, 

(2009) who attempt to study word sense disambiguation for Amharic legal document retrieval. 

The stopword removal algorithm was adopted from Rakib (2020). 
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Figure 3.4: Stopword removal algorithm (Rakib et al., 2020) 

Here is some of the stopwords used in this study. 

መሠረት  እንጂ በማለት ስለሆነ ሲሆን ያልሆነ 
ሰኔ በቀር በመሆን መጋቢት ወደ ምንም 
ቁጥር በሙሉ ያላቸውን ሳይሆን ሀምሌ ያለበት 

Table 3.1: Sample stopword used  

3.4.4. Stemming  

For this thesis, we used a Python program that does morphological analysis and generation of 

Amharic words called ‘HornMorpho 2.5’ for stemming from part of speech tagger (POS).   

HornMorpho is part of the L3 Project and one of the pioneering works in Natural Language 

Processing of Tigrinya, Amharic, and Oromo by Prof. Michael Gasser. In this thesis, we employ 

HornMorpho stemming to return root words of an input text (Gasser, 2011). In this study we 

adopted the stemming algorithm from the work of Alemayehu and willett (2002) which 

developed for English language. 
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Figure 3.5: The stemming algorithm (Wahiba Ben, 2013) 

3.5. Part of speech (POS) tagging  

Part of speech (POS) tagging is the process of marking the tokens (words) with the part of 

speech to which they belong (Natesh, Balekuttira, & Patil, 2016). Each token (word) is assigned 

the most appropriate part of speech tag depending on the form of the word and the tags of its 

neighboring words. This is a very crucial step for the semantic analysis of the sentence with 

respect to the context in which it is written. The parts of speech of each of the words finally help 

in understanding the meaning of each of the sentences (Natesh, Balekuttira, & Patil, 2016). For 

this study the POS tagging algorithm is adopted from the work of Kelvin (2018). 

POS tagging is used to specify the word category. Therefore, the words are categorized into the 

groups like nouns, verbs, adjectives, adverbs etc. 

The stopword free text taken as input for HornMorpho stemming to return root words of each 

token then the POS tagger reads the stemmed texts and outputs part-of-speech tagged texts. Once 

the category of each word identified the syntactic filter also applied here. The syntactic filter 

helps to extract words that are more important and used in the domain area. Based on each word 

category the words becomes filtered and will go to the next process. 
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Figure 3.6: POS tagging of Amharic document (Kelvin, 2018) 

3.6. Term weighting  

After syntactic filter is applied on the tagged items, the weight of each text unit, sentences in the 

given document is calculated. The weight is calculated using Levenshtein Distance (LD). 

Levenshtein Similarity Weight (LSW) is calculated between the sentences, considering two 

sentences as an instance. This is calculated by dividing the difference of maximum length 

between two sentences and LD between the two sentences by maximum length between two 

sentences. si and sj, where s are the sentences. Hence before finding the LSW, we have to 

calculate the LD between each sentence. Finally the edges (unique words) are weighted and 

added to the graph. Unique words are text units that are co-occur with each sentence in the given 

document.  

3.7. Applying TextRanking Algorithm and Extracting Representative Sentences 

Once the graph is constructed using unique words as edge and sentences as vertices, the next is 

extraction of adjacent words (keyphrases) that co-occur within one sentence in to the other.  If a 

word co-occurs in the sentence or if the unique words list has a sentence terms, that adjacent 

word becomes representative of a given sentence (keyphrase). This is done by applying 

PageRank (TextRanking) algorithm on the entire text. Keyphrases taken as representative of a 

given sentences in the text. 
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3.8. Sentence Scoring 

After the keyphrases are identified the similarity is done between a sentence representatives and 

a query. Every sentence in the document containing a keyphrase that contains query words 

become a salient sentence and ranked in ascending order in accordance with its relevance.   

Before applying the TextRank on the weighted sentences first the query is tokenized, 

normalized, stemmed, and tagged using POS then the tagged text units filters based on their 

tagged items (word class) as noun, verb, adjective .etc. this helps to identify salient words within 

the sentence that frequently used in domain area (legal) then finally similarity between a query 

and a sentence were performed. The edges (unique terms) are indexed as a keyphrases (sentence 

representatives) in order to be a pointer and relation between each sentence-query pair. The 

Edges correspond to the link that exists between sentences and queries that have weights of their 

score from TextRank. If the unique word set list contains a query terms the graph keeps a count 

of each incoming vertex to that particular keyword. Now we can run a TextRanking algorithm on 

this weighted graph and order them in ascending order. 

3.9. Sentence Extraction 

In this study, the extractive summarization technique is used. The most informative sentences 

that are related with the input query identified and extracted from the text. For this study we 

adopted a sentence extraction algorithm from the work of McDonald and Chen (2006) 

The required data (.txt) file is loaded and preprocessed. The input document and the input query 

are preprocessed and tagged with their word classes using POS tagger and syntactic filter applied 

on tagged items to identify the most salient words mostly used in the domain (legal) area based 

on their word category. The graph is built by obtaining the Levenshtein Distance between a 

sentences. After building the graph the next task will be sentence scoring. In order to score a 

sentence having a query terms the keyphrases needed that links the sentence and query. The 

keyphrases are keywords that determine the importance of a sentence for the incoming user 

query. Finally, the salient sentences that are related with input query extracted based on their 

score.    
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Figure 3.7: Sentence extraction Algorithm (McDonald and Chen, 2006) 

Then, the next task is splitting sentences from one another called sentence reconstruction. The 

sentences are splitted using the known delimiters (።,?,!). Sentence reconstruction will help to 

identify each sentence in a given document.  

3.10. Summary  

Extraction summary is a selection of sentences or phrases from the original text with the highest 

score and put it together to a new shorter text without changing the source text. (M.Suneetha & 

Fatima, 2011 ) 

In this study a summary algorithm is adopted from the work of Vasudeva Varma et al 

(2016), a summary were constructed based on the rank given to each of the sentences that 

were highly related with user query i.e. a sentence containing a query word were taken as 

a  top ranked sentence out of total N sentences. Therefore, a summary were generated with 

top ranked sentences that contains a query word. 
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Figure 3.8: Summary algorithm (Vasudeva Varma et al., 2016) 

 

 

 

 

 

 

 

 

 

 

 



54 
 

 
 

4. EXPERIMENTATION AND DISCUSSION 

4.1. Overview  

The major aim of this study to conduct a serious of experiments so as to identify the optimal 

procedures and techniques to develop a query based Amharic document summarization. In this 

chapter we have discuss about Amharic legal corpus collection and preparation, the overall 

experimental results, analysis and discussion. Two experiments are conducted using TF*IDF 

weighting and TextRank algorithms at different extraction rates on Amharic legal document. 

4.2. Data Corpus preparation 

In this thesis 30 single legal documents were collected, preprocessed and used. The number of 

documents limited to 30. Regarding to the previously conducted studies in the area of text 

summarization for Amharic language, the number of sample documents for the study are varies 

from one study to the other. This indicate that there is no standard way which set the number of 

documents taken. On the other hand, preparing a manual summary for every document are time 

consuming and tedious. Considering this, we decided that the number of documents should be 

limited in to 30.  

Documents were collected from Ethiopian Federal Supreme Court (FSC) official website 

(http//:www.fsc.gov.et). FSC kept the legal documents within volume in the website to be 

accessed by any users who browse the website whether a person is a legal expert or not.  The 

documents were saved in (.pdf) file extension where each documents contain many legal 

judgements.  

For this thesis, a single legal judgement was used as an input text to apply a query based text 

summarization. To this end, we saved each individual legal judgement as a single document 

using (.txt) file extension. So out of the total  (.pdf) files 30 legal judgements were selected and 

used as 30 single documents (.txt) with at least 20 sentences. The reason why the number of 

sentences  more than twenty (20) is mentioned in Asefa’s work (2015), the articles with less than 

20 sentences were not used in the evaluation due to the fact that summarizing short articles does 

not make much sense in real applications (Welgama, 2012).  Therefore, if the document is too 
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short no need to apply summarization but for long document, summarization task will be 

applicable to minimize the time spend on reading the entire document. As a result in this study 

we used document with sentences from 20 to 49 sentences. The details of the documents in our 

corpus are presented in table 4.1. For each single legal document a query has been prepared; each 

query is variant based on the user need i.e. a query can be different as per each users information 

need. 

Document Attributes Values 

Number of documents 30 

Maximum number of sentences per document 49 

Minimum number of sentences per document 20 

Maximum number of words per document 1195 

Minimum number of words per document 480 

Table 4.1:  Number of documents and related information 

4.3. Preparing test dataset  

For the preparation of a summary of Amharic documents two human summarizers were taken to 

prepare a manual summary for 30 legal documents independently. Each manual summarizer 

requested to rank each sentence from the most relevant in to least relevant sentences. The query 

and the document were given to the human summarizers with the corresponding guideline 

adapted from Asefa (2015), which took from Mahmoud El-Haj et.al, (2010). This guideline was 

prepared for generic based evaluation of the summarizer in producing summary of the document 

to identify the most representative sentences and incorporate in manual summary. But for his 

study, the guideline customized by Asefa to evaluate query based summarizer that select the 

sentences mostly related to the title (query).  

How do we select a compression rate (also called or extraction rate) for the given summary? 

According to Mani in 2001, Compression Rate is the typical parameter for every summary, 

which is the ratio between the summary text length and the source text length. It allows user to 

determine how much information she/he needs from the source and usually it is from 5% to 30% 

(Welgama, 2012). Additionally, Lin (1999) and Moreno, (2014) on their study shows that the 

best performances of automatic summarization systems are found with a compression rate of τ = 

15% to 30% of the length of the source. Therefore, for this study Asefa’s guideline adapted and 
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customized to prepare the manual summary; each manual summarizer requested to rank the 

sentences with extraction rate 15%, 25% and 30% as shown in table 4.2.  

Based on their level of understanding of manual summarizers a single sentence might be re-

ranked. The final rank of a sentence is obtained by taking the average rank of the manual 

summarizers. If a sentence is ranked 2nd and 4th by two manual summarizers respectively, then 

the average rank of this sentence will be 3rd. 

D.No No of total 

sentences  

15% 

Summary 
25% 

summary 

30% 

summary 

1 23 3 6 7 

2 21 3 5 6 

3 24 4 6 7 

4 26 4 6 8 

5 34 5 8 10 

6 20 3 5 6 

7 24 4 6 7 

8 34 5 8 10 

9 36 5 9 11 

10 30 4 7 9 

11 22 3 5 7 

12 22 3 5 7 

13 34 5 8 10 

14 40 6 10 12 

15 24 4 6 7 

16 38 6 9 11 

17 20 3 5 6 

18 20 3 5 6 

19 20 3 5 6 

20 24 4 6 7 

21 22 3 5 7 

22 31 5 8 9 

23 24 4 6 7 

24 40 6 10 12 

25 49 7 12 14 

26 28 4 7 8 

27 31 5 8 9 

28 31 5 8 9 

29 29 4 7 9 

30 26 4 6 8 

Table 4.2: Number of sentences in each extraction rates 
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4.4. Experimental results 

In this study we have run two experiments with TF*IDF weighting and TextRank algorithms. In 

the first experiment we run TF*IDF weighting algorithm to rank the sentences based on the 

incoming query. This weighting scheme summarize a document based on TF*IDF as a feature to 

weight each sentence, to find the similarity of a sentence with a query, and sentence scoring 

based on the terms that are common between a sentence and query.  

In the second experiment also we run a TextRank graph-based algorithm to select and rank 

sentences based on the query. This TextRank algorithm applies the following features in order to 

summarize a document that meet the information request: term weighting using Levenshtein 

similarity weight, calculate TextRanking, sentence score based on the unique words (keyphrases) 

between sentence and a query. 

There are many performance evaluation measures applied for text summarization, among that 

co-selection measures were used to evaluate the performance of the summarizers. For this study, 

the summarizers are evaluated using objective methods, such as recall, precision and F-measure 

and subjective methods such as informativeness and coherence. Both objective and subjective 

evaluation methods used are intrinsic to the summary. Then F-measure gives the same 

importance to precision and recall, applying it as an evaluation measure is a good trade-off 

between precision and recall. Therefore, F-measure is used to measure the summarization 

system. 

Intrinsic evaluation measures the system in of itself. This is often done by comparison to some 

gold standard, which can be made by a reference summarization system or, more often than not, 

is man-made using informants. Intrinsic evaluation has mainly focused on the coherence and 

informativeness of summaries (Hassel M. , 2004). 

4.4.1. Objective Evaluation  

Objective evaluation is one of the evaluation methods employed for this study to measure 

effectiveness of the summarizers. The objective evaluation assumes one and only one best 

(reference) summary and compares the system summary against the reference summary. It is 
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intended to measure the system’s summary approximation to the reference summary on the basis 

of standard recall (R), precision (P) and F-measure (F). 

In this study, three reference summaries for each legal document with compression rates of 15%, 

25%, and 30% have been prepared by experts. Experimentation is done on the total of 30 

Amharic legal documents i.e. for each legal document the summarizer generate a summary with 

15%, 25%, and 30% extraction rates. Thus, for each experiment 90 summaries generated by the 

prototype have been compared with its corresponding 90 user generated summaries with the 

above three extraction rates. 

Summary of experimental results using precision, recall and F-measure using TF*IDF weighting 

(experiment 1) and TextRanking (experiment 2) are presented in table 4.3 below.   

Extraction 

rate % 

Recall Precision F-measure 

Exp 1 Exp 2 Exp 1 Exp 2 Exp 1 Exp 2 

15% 71.43% 70.8% 56.33% 57.53% 63.88% 64.16% 

25% 72.4% 72.17% 58.17% 61.8% 65.27% 66.98% 

30% 74.97% 75.7% 74.97% 67.03% 67.9% 71.36% 

Table 4.3: Objective evaluation results of Experiment (Exp1) and Experiment (Exp2) 

The average F-measure of experiment 1 using TF*IDF weighting are 63.88%, 65.27%, 67.9%, 

and also for experiment 2 using TextRank approach are 64.16%, 66.98%, 71.36% at extraction 

rates of 15%, 25%, and 30% respectively. As we have seen the F-measure results of the two 

experiments, TextRank approach have been outperformed than TF*IDF weighting in all the three 

extraction rates.  

This is due to the fact that, in TextRank approach sentences has a higher chance of including 

them  as part of a summary through voting or recommendation if they have less weight but still a 

link with the other sentence with high weight and may become included in the summary. But in 

TF*IDF a sentence has a single chance to be included in to the summary; that is, a sentence is 

included in the summary if it contains a query terms. Here the example shows a sentence that is 

included by the TextRank and not included by TF*IDF; ጉዳዩ በቼክ የተከፈለ የመኪና ዋጋ በተመለከተ ነው 

When we compare the reference summary with its corresponding system generated summary the 

quality as well as informativeness of the system generated summaries directly correlated with the 
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compression rate. This is expected as the higher the compression rates the more the number of 

sentences included in the summary and the higher the probability of a sentence generated by the 

automatic text summarizers to match with a sentence in the reference summary. In the 

experiment 30% extraction rate registers the highest recall, precision and F-measure than 15% 

and 25% extraction rates. The chance of including a sentence in the summary depends on a given 

extraction rate. 

The accuracy of the query increases when the query contains a term that is also contained by a 

sentence; the reverse the accuracy of a given query decreases due to lack of a term that is also 

shared by the sentence. In the TF*ID the first query decreases its accuracy due to the query 

doesn’t contains terms that are exactly matches  with the sentence in a given document. In 

TextRank also the fifth query registered the lower accuracy. 

As per the experimental result, TextRank approach at 30% extraction rate achieved the highest 

performance in all objective measurements (such as recall, precision and F-measure) as 

compared to TF*IDF weighting and extraction rates, 15% and 25%. Accordingly, we propose 

TextRank approach at 30% extraction rate for designing a prototype query based Amharic text 

summarization for legal documents. 

4.4.2. Subjective Evaluation  

In addition to objective evaluation using recall, precision and, F-scores, we apply a subjective 

evaluation by legal experts. Legal documents with their corresponding automated summary were 

given to the experts for their suggestion about the following evaluation measure which is taken 

from Polsley, Jhunjhunwala, & Huang  (2016), the summary reflects a coherent flow of events of 

the case, sentence in the summary are important to the case, the summary is not redundant and 

helpful to know the primary events of the case. A set of six evaluation questions (measures) 

designed based on the original set of questions presented by Liu and Liu (2008) for ranking 

summaries as follows.  

1. The summary reflects a coherent flow of events of the case 

2. Almost all the important points from the case are represented 

3. Most of the sentence in the summary are important to the case 
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4. The information in the summary is not redundant 

5. The summary is helpful to someone (user) who wants to know the primary events of the 

case 

The guideline is attached in the Appendix I. 

Legal experts has been selected because it needs domain expertizes to assess a document 

summary. The selected six legal experts from Department of Law, Haramaya University were 

requested to evaluate the summaries by comparing them with original documents. Only six 

experts selected due to lack of additional legal expert who is willing for summary evaluation. 

The reason behind this is comparing a summary with its corresponding document is tedious and 

time consuming. Each evaluator should give a score (1-5), 1-Poor, 2-Fair, 3-Good, 4-V.good, 5-

Excellent for the given documents based on the listed measures.  For example, if the evaluation 

score by the first evaluator is 3, 1, 3, 4, 4 respectively, where the maximum evaluation score 

value of each evaluator is 25, then the percentage of the total result is the sum of the score values 

divided by 25 multiply by 100. i.e. (3+2+3+4+4)/25*100 = (16/25)*100 = 64%. 

Evaluation score value 

Poor=1     Fair=2     Good=3     V.good=4     Excellent=5 

Evaluation measures and result 

D.No

. 

1. The 

summary 

reflects a 

coherent 

flow of 

events of the 

case (5) 

2. Almost all the 

important points 

from the case are 

represented (5) 

3. Most of the 

sentence in the 

summary are 

important to 

the case (5) 

4. The information 

in the summary 

is not redundant 
(5) 

5. The summary is 

helpful to someone 

(user) who wants to 

know the primary 

events of the case 

(5) 

D1 4 4 4 5 3 

D2 4 3 3 3 5 

D3 5 4 4 4 2 

D4 5 4 5 3 4 

D5 5 4 3 4 4 

D6 4 5 5 4 5 

D7 5 5 3 5 4 

D8 5 3 4 5 3 

D9 5 4 4 4 5 

D10 4 5 4 5 5 

D11 3 4 4 5 5 

D12 5 3 5 5 5 

D13 5 4 4 5 4 
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D14 4 4 5 5 5 

D15 4 5 5 5 5 

D16 5 3 4 4 5 

D17 4 3 5 5 5 

D18 5 3 4 4 3 

D19 5 5 4 3 4 

D20 5 5 3 5 5 

D21 4 5 4 4 5 

D22 4 5 5 5 5 

D23 5 4 5 4 5 

D24 5 5 4 3 5 

D25 5 4 3 2 5 

D26 5 4 5 4 5 

D27 5 4 2 4 4 

D28 5 4 3 4 4 

D29 4 5 5 4 5 

D30  5 5 4 3 5 

Ave

rage  

 4.63 4.17 4.2 4.17 4.46 

Table 4.4: Subjective evaluation (user acceptance) result of 30% extraction rate 

The average score result of Exp1 and Exp2 is 58.4%, 70.13, 82.53% and 59.2%, 72.27%, 

85.87%   with extraction rates 15%, 25% and 30% respectively. Experiment2 outperformed at 

15%, 25% and 30% extraction rates. Exp1 (TF*IDF) algorithm missing an important sentences 

in the summary that contains least query words; in TF*IDF the sentence length affect the chance 

of a sentence to be a part of a summary. Long sentences has a great chance than short sentences. 

Beside this, subjective evaluators suggest that the summarizer algorithm need an improvement 

on extraction of the missed important sentences by improving the methods used in the extraction 

of a sentence on the algorithm.  

4.5. Discussion of Results 

In this study we design a query-based text summarization for Amharic legal document. Starting 

from the title it’s a query-based that lets the user to seek for legal document summary based on 

his/her need. The extraction system also an extractive approach which directly extract the 

sentences that best match with the input query. Legal domain has been selected as a study area 

because the domain produce a large amount of legal judgements in every time. Beside this, 

accessing a relevant legal document is very difficult for the users based on their information 
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need. Therefore, this leads to design a query based Amharic document summarization for the 

legal domain. Amharic legal document collected and preprocessed through preprocessing steps 

to prepare a quality Amharic input text for the summarization. Here this study has a contribution 

to the language regarding to preprocessing Amharic texts because it was one of the challenging 

task while doing this study. Evaluation of the system also performed objectively and 

subjectively. Objective evaluation performed how the algorithms extract sentences based on their 

relevance to the query and how this system generated summary similar with the manually 

extracted summary. Subjective evaluation also performed how the system generated summary 

contains the important parts of the document to get user acceptance. Performing subjective 

evaluation is a main contribution of this work regarding to know which summarizer algorithm is 

good for the Amharic summarization system. 

Since both TF*IDF and TextRank algorithms are approaches of text summarization they have 

differences on their methods of summarizing a text. TF*IDF (TF*ISF) weight a term based on 

the frequency that word appears in the document and frequency of that term in each sentences 

separately. Words with low TF*IDF may be considered as unimportant and not selected for the 

inclusion in the summary. One of the limitation of TF*IDF approach is that long sentences has 

more chance to be a part of a summary because long sentences may contain more query words 

than that of short sentences.  

In TextRank algorithm a word is likely to be an important term in a document if it co-occurs 

frequently with other important words in the document. Words with low co-occurrence may be 

considered as unimportant. Here in this study, the difference is that unlike TF*IDF, TextRank 

algorithm counts the co-occurrences of word in the document in order to get adjacent words that 

used to construct sentence representatives (keyphrases) then the keyphrases containing query 

words becomes a part of a summary. Co-occurrences or Collocations are words that are 

frequently go together. In TF*IDF there are no co-occurrences of words that represent a 

document rather it simply take each words frequency in a document and in each sentence and 

calculate TF*IDF of each words in a document and compare each sentence with a query.  

 As we have seen on this study TextRank summarizer algorithm used to extract keyphrases that 

are highly related with a query words. Then each sentences that have keyphrases selected to be a 

part of a summary. As a result, TextRank by its nature is a graph based approach in which each 
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sentence (vertex) is weighted based on it links with other sentences through voting or 

recommendation. While one vertex (sentence) links to another one, it is basically casting a vote 

for that other vertex. That means if the first sentence contains keyphrases the same as the second 

sentence but the number of keyphrases for the first sentence is high, then the first sentence votes 

the second sentence as a candidate sentence for the summary. However, in TF*IDF a sentence is 

selected if it has a high score and every sentence stand independently from each other. There is 

no possibility that a given sentence votes another sentence. Therefore, based on their 

performance TextRank approach used to design the summarization system.  

In TextRank summarizer algorithm if the co-occurrence of a keyphrases in a given query is less, 

the accuracy decreases because the query should contain more keyphrases that are also contained 

by a sentence in a document to make a perfect match.  One of the challenge while using 

TextRank summarizer algorithm was that it only depends on keyphrases or words that co-occurs 

in the given document. Other words that are not co-occurring in the text has less chance. The 

other challenge was while running a TextRank summarizer algorithm it works well for small or 

medium length documents but it was difficult to return a summary for long length documents. 

Therefore, it needs further research investigation to get a summary out of long documents.     

4.5.1. Comparison with previous works 

We also compared our proposed Amharic legal query based summarization system with other 

local works. This study has a contribution for Amharic language unlike previous works.  It is a 

query-based approach which let the user to get a summary out of single documents in legal 

domain. As we have reviewed related works, there is no study conducted to design a query-based 

summarization system for Amharic legal text. As a query-oriented text summarization system, 

this study has a contribution for the user to get a summary of a document based on their request.  

One of the main contribution of this study for Amharic language is it preprocesses Amharic legal 

documents using the steps normalization, tokenization, stopword removal and stemming. After 

the preprocessing task performed the stemmed legal document taken and tagged based on their 

word category (class) noun, verb or adjective etc. After knowing each word category the next is 

syntactic filter. Syntactic filtering is important to identify which word class is mostly important 

on the domain area. The other contribution of this study in terms of techniques or methods are 
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extractive system of summary which directly extract the summary of a document through 

extracting top rank sentences that best match with user query. This study also has a contribution 

for legal domain.  Most of Amharic summarization systems are done for news domain. Unlike 

other previously conducted studies for Amharic summarization system we select legal domain to 

help the law professionals to seek a summary of a legal judgement. Preparing a legal document 

summary manually is time consuming and expensive. To improve such inaccessibility of a legal 

document the legal domain has been selected. Therefore, this study use a TextRank and TF*IDF 

summarizer algorithm to generate a summary from Amharic legal document; both algorithms 

does not require language annotated corpora both can run for every language. To make 

comparison, here are some local related works that are taken to compare with this study.  

Research works  Summarization 

approach 

Features Research gap 

Teferi (2005) 

 

Generic-based title words, cue-

words, position of 

sentence, and 

presence of thematic 

words 

approach requires a 

great deal of training 

corpus 

Helen (2006) Generic-based cue phrases and 

sentence location 
performance values 

decrease if the 

segmentation is not 

100% perfect 

Eyob and Dejene 

(2012) 

Generic-based Keyword selection 

and sentence scoring  

Lack of term 

weighting which is 

highly important to 

identify the most 

representative words 

of the text document 

Addis (2013) 

 

 

 

 

 

 

 

Generic-based term frequency (TF) 

and sentence position 

in the text 

fail to capture the 

main themes of a 

document as the 

statistical approach 

do not relate textual 

units in the document 

Table 4.5: Comparison with local related works 

 



65 
 

 
 

5. CONCLUSION AND RECOMMENDATION 

5.1. Conclusion 

The world of documents containing text is huge and expanding every day in the World Wide 

Web. The majority of the data is in the form of natural language text. Most often we keep on 

reading lengthy documents to get some useful information. The need for an automatic Text 

summarizer has increased much due to the abundance of documents in the internet. Text 

summarization is a method of representing huge documents in a condensed form without 

affecting the meaning of the text .So it is a method of presenting the most important content of a 

document to the reader from a set of unstructured documents. The data available in Internet is 

unstructured when compared to other databases. So retrieving useful information itself is a 

challenge. The main objective of Text summarization is to identify the main theme of the 

document and the sub themes in it and to create a concise matter. This helps to save time, and 

storage space. 

In this study an attempt is made to design a query-based Amharic document summarizer. The 

experimentation is done on Amharic legal documents collected from the Federal Supreme Court. 

The legal domain is selected because there is a research gap on the domain regarding the text 

summarization for Amharic text. The prototype first preprocesses a document using 

normalization, tokenization, and Stopword removal. Then the Stopword free text is taken and 

stemmed by using HornMorpho to return root words. Horn Morpho is a part of POS tagger for 

the purpose of stemming. The POS (part of speech) tagger is applied in order to identify Amharic 

word class for each word. After the input text is preprocessed and tagged, it becomes ready for 

extracting important sentences from the document based on the information requests. For this 

purpose, TF*IDF and TextRank approaches are experimented. Finally for summary extraction, 

the sentences are ranked in descending order of their importance to form a summary. 

For this study 30 legal judgements are taken, and for each document 90 summary generated by 

the prototype at 15%, 25% and, 30% extraction rates, but the best performance evaluation 

registered by 30% extraction than 15% and 25% extraction rates. The performance evaluation is 

done objectively and subjectively. The objective evaluation shows that Experiment two (EXP2) 

using TextRank algorithm which is the best result from two experiments conducted in this study 
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at 30% extraction rate registered that recall 75.7% and precision 67.03% and the average F-

measure 71.36%. The subjective evaluation called user acceptance test result also registered the 

highest evaluation result 85.87% at extraction rate 30%. This shows the users get a satisfied 

summary at a given extraction rate. 

The result is encouraging to design an applicable query-based text summarizer in Amharic 

language. While conducting this study some challenges have been faced. Corpus preparation was 

a very challenging task; this is due to lack of a well-organized Amharic corpus. The other is 

when the number of words within the query increases the length of the summary also increases 

since all related sentences with the important sentence are included and no more summary 

happens.  

5.2. Recommendation  

In this study, we proposed TextRank algorithm for designing query based Amharic text 

summarization. Based on the findings of the study, the following recommendations have been 

made as future research direction: 

 There is no annotated standard corpus for Amharic language; therefore, a well-prepared 

Amharic corpus needed as a test bed for encouraging researcher to explore more in the 

area. 

 The performance of the prototype needs further improvement. To do this, a hybrid of 

TextRank and  TF*IDF weighting scheme should be designed,  so that the terms that are 

list important in the document may get an improved weight in TextRank through word 

co-occurrence relation in the document and become important enough than before.   

 Query-based multi-document summarization and clustering needed to be done on the 

legal domain to cluster each legal judgement cases like theft, tax, murder, employee and 

employer …etc.  

 The text summarization task in the legal domain should be applicable in other local 

language due to that our country legal system executes legal affairs in the house of courts 

based on their own regional official languages. So, this legal summarization should be 

required for other local languages to enhance the accessibility of the legal judgments by 

the users.  
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 Most of text summarization studies only focus on text processing; therefore further 

investigations required in other summarization areas. Specifically in the legal domain the 

users can be legal stream students, lawyers, legal experts or other users who are interested 

in the legal judgement. The users can also be a disabled (blind) person who is unable to 

access the legal text summary. Therefore in such special case a speech summarization is 

needed; legal judgement speech summarizations able to the user to access the judgement 

like other users equally.   

 It was difficult to summarize long documents. Therefore, long document summarization 

also the other research direction and can be fixed through classifying each part of a 

document within a section. 
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7. APPENDICES 

I. Guideline for Subjective Evaluation  

Customized from (Polsley, S., Jhunjhunwala, P., & Huang, R. ,2016) 

The importance of this research is to prepare a quality summary out of a legal single document 

based on the queries that were given by the user. Like objective evaluation of a summary it is 

essential to make a subjective evaluation by the domain expert to evaluate the performance of the 

system. Therefore, we requested you as a domain (legal) expert to evaluate the summary based 

on the guideline below. In order to evaluate the summary, first you should read the document 

very well. Then for each selected summary, you have to score (1-5) for 15%, 25%, and 30% 

summary extraction rate that was prepared by manual summarizers. Here is the evaluation 

measure that you should follow.  

Appendix table 1: Subjective Evaluation Guideline 

 

Evaluation score value 

Evaluation measure Poor=1 Fair=2 Good=3 V.good=4 Excellent=5 

1. The summary reflects a 

coherent flow of events of the 

case 

     

2. Almost all the important points 

from the case are represented  

     

3. Most of the sentence in the 

summary are important to the 

case  

     

4. The information in the 

summary is not redundant  

     

5. The summary is helpful to 

someone (user) who wants to 

know the primary events of the 

case  
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II. Guideline for Objective Evaluation 

Customized from (Asefa, 2015) 

Dear summarizer you are kindly requested to read the title (query) with their corresponding 

documents provided to you and ranks sentences based on their relative importance in expressing 

the title (query) of the document. The rank that you provide for sentences will be used to 

construct an ideal summary. Ideal summary is an extract prepared by human-summaries 

selecting sentences that are judged to be most important to test the performance of automatic text 

summarization system. Therefore, while ranking sentences please take the following points in to 

consideration:    

 Consider the informativeness of the sentence: to what extent the sentence represents the 

title (query) of the document.   

 Try to avoid redundancy: if two or more sentences that represent the same idea but 

written differently exist in the document, pick one which you judge is best represents the 

title of the document.  

  If possible try to be coherent in your selection so that a well-organized ideal summary 

can be formed by concatenating the sentences together.    

Based on these points rank sentences in such a way that the most important sentence of the 

document should be given a rank of 1, 2 for the second most important, etc., and the least 

important sentence should be given a rank of N. where, N is the total number of sentences in the 

document. 
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Appendix figure 1: List of Amharic Alphabets (ፊደል) 

 

Appendix figure 2: Amharic Numbers  
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Appendix figure 3: List of Normalized Amharic Characters 

 

III. List of Common Amharic Abbreviations and their expanded forms 

ት/ቤት   ትምህርትቤት   ት/ርት   ትምህርት 

ት/ክፍል   ትምህርትክፍል   ሃ/አለቃ   ሀምሳአለቃ 

ሃ/ስላሴ   ሀይለስላሴ   ደ/ዘይት   ደብረዘይት 

ደ/ታቦር   ደብረታቦር   መ/ር   መምህር 

መ/ቤት   መስሪያቤት   መ/አለቃ   መቶአለቃ 

ክ/ከተማ   ክፍለከተማ   ክ/ሀገር   ክፍለሀገር 

ወ/ር   ወታደር    ወ/ሮ   ወይዘሮ 

ወ/ሪት   ወይዘሪት    ወ/ስላሴ   ወሌተስላሴ 

ፍ/ስላሴ   ፍቅረስላሴ   ፍ/ቤት   ፍርድቤት 

ጽ/ቤት   ጽህፈትቤት   ሲ/ር   ሲስተርሕዊ 

ጠ/ሚኒስትር  ጠቅላይሚኒስትር   ዶ/ር   ዶክተር 

ገ/ጊዮርጊስ  ገብረጊዮርጊስ   ቤ/ክርስትያን  ቤተክርስትያን 

ቤ/ያን   ቤተክርስትያን   ም/ስራ   ምክትልስራ 

ም/ቤት   ምክርቤት   ተ/ሃይማኖት  ተክለሃይማኖት 

ሚ/ር   ሚኒስትር    ኮ/ል   ኮለኔል 
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ሜ/ጀነራል  ሜጀርጀነራል   ብ/ጀነራል  ብርጋዳርጀነራል 

ሌ/ኮለኔል  ሌተናሌኮለኔሌ   ሊ/መንበር  ሊቀመንበር 

አ/አ   አዲስአበባ   ር/መምህር  ርእሰመምህር 

ፕ/ት   ፕሬዝዳንት   ዓ.ም   አመተምህረት 

ዓ.ዓ   ዓመተዓለም   ዶ.ር   ዶክተር   

ፕ/ር   ፕሮፌሰር    እ.አ.አ   እንደአዉሮፓዊያንአቆጣጠር  

ሰ/ት/ቤት   ሰንበትትምህርትቤት  ኃ/የተ/የግ  ኃላፊነቱየተወሰነየግል  

በፍ/ብ/ሥ/ሥ/ሕ/ቁ በፍትሀብሔር ሥነሥርዓት ሕግ ቁጥር 

IV. List of Amharic Stopwords 

አንቀጽ   ሀያ  የሆኑትን   ስድስት  እስከ  ይኸኛው 

ወይም   ሆነ   በሆኑ    ምንም   ብሎ   ከርሱ 

እንደሆነ  በኊላ  ጀምሮ    በሆነው   ከሰላሳ   መሆኑን          

ላይ   በአንድ  እንደዚህ    ስለ   የሚሆኑ   ለዚያው    

ማንም  የሆኑ   በመሆን    ይሁን   ላይም   ለዚሁ 

በማይበልጥ  ከአስራ  የሌለው    ከዚሁ  የሆናል   ለእነርሱም  

መሰረት   የሆነውን  በማለት    በእነዚህ  ከነዚህ        ሁኔታ 

ከላይ   ባለ  ከማናቸውም   ያህል   ቢሆንም   ሌላ 

ሁሉ   ይህንን   ከነበረው   ከሆነና    እና   መሆኑ   

እንዲቆይ  በአንዳንድ  እስከ               ይሆናል     ሌላውን   ሌላው 

በእያንዳንዱ  ለሆኑት   ሆኖ    ከሰባት   የሚሆነው  ጊዜም   

አለው   ነው   ለሌላ     በአንዱ   አስከ   እነዚሁ    

በዚህ   አለበት   አይሆንም   የሌሎች    እንደሆኑ  እስከ 

ሲል   ማለት   የሚሆኑት  ስለማናቸውም  ውስጥ   ይሆናሉ   

ሲባል    ከሆነው   ከአንድ    ያልሆነ    ሳለ    የነበረውን 

ከአንዳንድ  በማናቸውም  በሙሉ    የሆነው   ያሉ   በእነዚሁ   

ወር              መሆናቸው   ከሌሎች   በአምስት   ከአምስት  አስር 

በዋና   አንዲት   ወይም     በላይ   እንደ   በማቀድ 

ለሌሎች   በሆኑ  ሲሆን    ጊዜና   እንኳን   የሆኑበታል 

በሆነ  ለዚህ    ለሆነው             ለነዚህ              ሌሎች                  ይህን 
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ከዚህ  የሌላውን  ሶስተኛ    አንዳንድ    ለማንኛውም      የሆነ   

ከሁለት   የነገሩ   ሰኣት    አንደኛ   አምስት         ሶስት   

እንዲሆን  እንደነዚህ   ናቸው     ማንኛውም  ካልሆነ       እንኳ 

የሆኑት  አሁን   ጋር    ቢያንስ    ከሀያ        የማናቸውም 

ሰባት  አንድ  ቢሆን    ከሀምሳ    ይህንንም       እነደሆነ 

ልዩ  እነዚህን  ይኸው     የአንድን    እነደሆነ         ከሶስት 

ናቸው   ለአንድ  በሙሉም    ይህችው    በተለይም        አንዱን  

የሚችለውን  በነዚህ   ከእነዚህ    በሌላ   ሁለት      ወይም   

የዚሁ  ከእነዚሁ    ሺህ     ለዚሁ    በሚገባ       ለእያንዳንዱ 

የአንቀጹ  ወደ  ወይዘሮ     ይህም    ስለሆነ          ወይ 

ማናቸውንም  ተብሎ   እነዚህ    መሆናቸውን   የሆነችን          ከአስር 

ሳይሆን   ከዚያ  ማንኛውንም   የለውም    የማይበልጥ           እንደሆነና   

እንዲሆኑ            ሁለቱ    በሚችሉ     ብቻ       ብሎ                         ከሌላ 

 እንጂ   የሌላቸውን  እንዲሁም   ከብር     ለሆነ    ከስምንት 

በሶስተኛ  ሌሎች    ሆኖም    በሌሎች    ሁለቱንም   በቀር 

ይህ   በታች   አንደሆነ   በሁለት     በነሱ   ይህን 

የሌላ   እንዲህ   በእስር    የአንዱን    ከሆነ    ያላቸው 

በነዚሁ   በሚል   የአንዱ     የዚህ     ይህንኑ    በእንደዚህ 

ቁጥር  ማናቸውም  ሆነው    ስምንት     ባሉ   በዚህ 

ከስድስት   በስተቀር   ሲሆንና    ከመቶ     በዚህም    መቶ 

መሆን   ምንጊዜም  እነዚህም    በዚህና    ያለ     ስም 

ለማናቸውም  ሲኖር   ከዚህም     መሆኑን    እንደገና     የአንድ 

ሰላሳ   በሁኔታው  አንድን    የማያንስ    እነዚህኑ    ማንም 

ከነዚሁ   ያላቸውን   እጅግ    ሲሆኑ     ለሆኑ    ሊሆን  

ግን   በሁለቱም  አለ                 እዚሁ    አስራ 

V. Objective and Subjective Evaluation Results 

Appendix table 2: Objective Evaluation Results of Experiment 1 

Sentence extraction rate in % 

Doc. No  15% 25% 30% 

R P F R P F R P F 

1 66% 50% 56.9% 50% 50% 50% 50% 60% 54.55% 

2 63% 51% 56.36% 66% 53% 58.78% 66% 54% 59.4% 
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3 100% 58% 73.41% 83% 58% 68.28% 85% 58% 68.95% 

4 75% 53% 62.19% 83% 55% 66.15% 87% 63% 73.08% 

5 60% 56% 57.93% 67% 57% 61.59% 70% 59% 64.03% 

6 66% 54% 59.4% 66% 54% 59.4% 70% 54% 60.97% 

7 75% 50% 60% 71% 50% 58.67% 71% 65% 67.86% 

8 67% 51% 57.91% 60% 55% 57.39% 67% 55% 60.46% 

9 56% 57% 56.49% 68% 57% 62.01% 72% 57% 63.67% 

10 88% 60% 71.35% 83% 65% 72.90% 88% 65% 74.77% 

11 55% 50% 52.38% 61% 52% 56.14% 64% 51% 56.76% 

12 100% 58% 73.41% 84% 60% 70% 83% 67% 74.16% 

13 82% 55% 65.89% 80% 55% 65.18% 81% 55% 65.54% 

14 68% 60% 63.75% 72% 65% 68.32% 69% 66% 67.47% 

15 76% 63% 68.89% 76% 65% 70.07% 79% 67% 72.56% 

16 86% 67% 75.32% 80% 67% 72.92% 88% 69% 77.35% 

17 60% 58% 58.98% 65% 60% 62.4% 65% 61% 62.93% 

18 67% 53% 59.18% 57% 55% 55.98% 66% 57% 61.17% 

19 75% 58% 65.41% 70% 58% 63.43% 70% 60% 64.61% 

20 88% 66% 75.42% 87% 60% 71.02% 80% 68% 73.53% 

21 63% 57% 59.85% 70% 63% 66.35% 85% 66% 74.34% 

22 60% 52% 55.71% 60% 55% 57.39% 67% 57% 61.59% 

23 72% 63% 67.2% 87% 65% 74.40% 80% 68% 73.53% 

24 66% 50% 56.89% 63% 53% 57.58% 67% 55% 60.49% 

25 68% 54% 60.19% 75% 54% 62.79% 70% 56% 62.22% 

26 78% 60% 67.85% 81% 63% 70.87% 77% 67% 71.67% 
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27 67% 58% 62.17% 87% 61% 73.2% 90% 66% 76.15% 

28 58% 50% 53.70% 60% 52% 55.71% 72% 54% 61.71% 

29 67% 56% 61.08% 82% 59% 68.64% 86% 63% 72.74% 

30 71% 62% 66.19% 78% 66% 71.5% 84% 66% 73.92% 

Average  71.43% 56.33% 63.88% 72.4% 58.17% 65.27% 74.97% 60.83% 67.9% 
 

Appendix table 3: Objective Evaluation Results of Experiment 2 

Sentence extraction rate in % 

Doc. No  15% 25% 30% 

R P F R P F R P F 

1 100% 50% 66.67% 100% 83% 90.71% 83% 83% 83% 

2 63% 51% 56.36% 60% 53% 56.28% 66% 58% 61.74% 

3 62% 52% 56.58% 63% 52% 56.97% 72% 66% 68.86% 

4 50% 50% 50% 67% 54% 59.81% 75% 70% 72.41% 

5 60% 52% 55.73% 57% 53% 54.97% 60% 60% 60% 

6 67% 59% 62.74% 67% 52% 58.55% 67% 59% 62.74% 

7 75% 50% 60% 67% 50% 57.26% 71% 60% 65.03% 

8 56% 51% 53.38% 63% 55% 58.78% 68% 66% 66.98% 

9 66% 50% 56.89% 66% 52% 59.68% 65% 57% 60.78% 

10 68% 63% 65.44% 68% 67% 67.49% 78% 67% 72.08% 

11 76% 60% 67.05% 71% 62% 66.19% 76% 65% 70.07% 

12 81% 68% 73.96% 81% 60% 68.93% 90% 77% 82.99% 

13 62% 51% 55.99% 66% 55% 60% 66% 58% 61.74% 

14 68% 58% 62.6% 75% 63% 68.47% 80% 70% 74.67% 
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15 100% 73% 84.39% 86% 75% 80.12% 79% 75% 76.94% 

16 66% 57% 61.17% 72% 67% 69.41% 74% 69% 71.41% 

17 50% 50% 50% 67% 60% 63.30% 85% 60% 70.34% 

18 65% 54% 58.99% 66% 57% 61.17% 66% 57% 61.17% 

19 75% 68% 71.38% 70% 68% 68.98% 78% 74% 75.94% 

20 67% 50% 57.26% 67% 63% 64.93% 75% 63% 68.47% 

21 100% 77% 87% 87% 77% 81.69% 92% 80% 85.58% 

22 83% 62% 70.97% 84% 59% 69.31% 83% 65% 72.95% 

23 62% 53% 57.14% 67% 58% 62.17% 67% 67% 67% 

24 75% 65% 69.64% 73% 63% 67.63% 77% 63% 69.3% 

25 58% 50% 53.73% 67% 65% 65.98% 73% 65% 68.76% 

26 60% 50% 54.55% 74% 60% 66.26% 74% 66% 69.77% 

27 76% 67% 71.21% 80% 67% 72.92% 85% 75% 79.68% 

28 100% 66% 79.51% 88% 76% 81.56% 85% 76% 80.24% 

29 58% 56% 56.98% 67% 60% 63.30% 77% 65% 70.49% 

30 75% 63% 68.47% 79% 68% 73.08% 84% 75% 79.24% 

Average  70.8% 57.53% 64.16% 72.17% 61.8% 66.98% 75.7% 67.03% 71.36% 
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Appendix table 4. Subjective Evaluation Results of Experiment 1 

Evaluation Score Value (1-5) with each extraction rate 

Doc 

No 

15% 

extraction 

rate 

Total  

25%*100 

25%  

extraction 

rate 

Total 

25%*100 

30%  

extraction 

rate 

Total 

25%*100 

1 4 3 4 2 3 64% 4 3 4 3 3 68% 5 3 4 3 3 72% 

2 3 4 3 2 3 60% 4 4 3 3 2 64% 4 5 5 3 3 80% 

3 3 4 4 3 2 64% 5 4 4 3 3 76% 5 4 4 3 3 76% 

4 5 3 2 2 4 64% 5 3 4 4 4 80% 5 5 4 5 4 92% 

5 4 3 3 4 3 68% 3 5 3 4 4 76% 5 5 3 4 4 84% 

6 3 3 5 3 4 72% 4 3 5 4 4 80% 4 4 5 4 4 88% 

7 2 2 4 3 4 60% 4 4 3 3 4 72% 4 4 5 3 4 80% 

8 3 3 2 4 3 60% 4 5 2 4 3 72% 4 3 5 5 4 84% 

9 5 2 2 4 3 64% 3 3 4 4 5 76% 5 5 4 5 5 96% 

10 4 3 2 2 3 56% 4 3 2 4 4 68% 4 5 4 5 5 92% 

11 2 3 2 4 3 56% 3 4 5 5 3 80% 3 4 4 4 5 80% 

12 2 1 4 3 3 52% 4 2 5 4 4 76% 3 5 5 5 4 88% 

13 4 3 2 2 3 56% 5 2 3 2 4 64% 5 5 4 4 5 92% 

14 5 3 4 2 3 68% 4 4 5 3 2 72% 4 3 5 4 5 84% 

15 3 3 2 4 3 60% 5 3 2 3 3 64% 4 5 5 4 5 92% 

16 4 2 3 4 1 56% 4 4 2 2 3 60% 5 3 4 4 4 80% 

17 3 3 2 3 4 60% 5 3 2 3 4 68% 4 3 4 3 4 72% 

18 4 3 4 2 1 56% 4 4 4 3 3 72% 5 5 4 3 5 88% 

19 5 2 1 3 3 56% 4 4 3 2 4 68% 3 5 4 3 4 76% 

20 2 1 3 3 4 52% 4 5 3 3 3 72% 5 5 4 5 5 96% 

21 3 3 4 2 2 56% 4 3 4 3 3 68% 4 5 5 3 3 80% 

22 4 3 2 2 2 52% 4 4 3 5 3 76% 4 5 4 5 5 92% 

23 4 2 2 3 3 56% 5 3 2 3 2 60% 5 4 4 4 3 80% 

24 3 2 3 3 1 48% 4 2 4 3 3 64% 5 3 4 3 4 76% 

25 5 2 3 2 2 56% 3 4 3 4 4 72% 4 4 5 4 5 88% 

26 2 2 2 3 4 52% 3 3 3 4 4 68% 3 3 3 4 4 68% 

27 4 3 3 2 3 60% 4 4 2 3 3 64% 5 3 3 4 3 72% 

28 5 3 2 2 1 52% 5 3 3 4 3 72% 5 3 3 5 4 80% 

29 4 3 2 3 3 60% 4 3 4 3 3 68% 4 3 5 4 3 76% 

30 2 4 3 2 3 56% 3 4 4 2 3 64% 3 5 4 3 3 72% 

Average Total 58.4% Average Total 70.13% Average Total 82.53% 
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Appendix table 5. Subjective Evaluation Results of Experiment 2 

Evaluation Score Value (1-5) with each extraction rate 

Doc 

No 

15% 

extraction 

rate 

Total  

25%*100 

25%  

extraction 

rate 

Total 

25%*100 

30%  

extraction 

rate 

Total 

25%*100 

1 4 3 4 2 3 64% 4 3 4 3 3 68% 5 3 4 3 3 72% 

2 3 4 3 2 3 60% 4 4 3 3 2 64% 4 5 5 3 3 80% 

3 3 4 4 3 2 64% 5 4 4 3 3 76% 5 4 4 3 3 76% 

4 5 3 2 2 4 64% 5 3 4 4 4 80% 5 5 4 5 4 92% 

5 4 3 3 4 3 68% 3 5 3 4 4 76% 5 5 3 4 4 84% 

6 3 3 5 3 4 72% 4 3 5 4 4 80% 4 4 5 4 4 88% 

7 2 2 4 3 4 60% 4 4 3 3 4 72% 4 4 5 3 4 80% 

8 3 3 2 4 3 60% 4 5 2 4 3 72% 4 3 5 5 4 84% 

9 5 2 2 4 3 64% 3 3 4 4 5 76% 5 5 4 5 5 96% 

10 4 3 2 2 3 56% 4 3 2 4 4 68% 4 5 4 5 5 92% 

11 2 3 2 4 3 56% 3 4 5 5 3 80% 3 4 4 4 5 80% 

12 2 1 4 3 3 52% 4 2 5 4 4 76% 3 5 5 5 4 88% 

13 4 3 2 2 3 56% 5 2 3 2 4 64% 5 5 4 4 5 92% 

14 5 3 4 2 3 68% 4 4 5 3 2 72% 4 3 5 4 5 84% 

15 3 3 2 4 3 60% 5 3 2 3 3 64% 4 5 5 4 5 92% 

16 4 2 3 4 1 56% 4 4 2 2 3 60% 5 3 4 4 4 80% 

17 3 3 2 3 4 60% 5 3 2 3 4 68% 4 3 4 3 4 72% 

18 4 3 4 2 1 56% 4 4 4 3 3 72% 5 5 4 3 5 88% 

19 5 2 1 3 3 56% 4 4 3 2 4 68% 3 5 4 3 4 76% 

20 2 1 3 3 4 52% 4 5 3 3 3 72% 5 5 4 5 5 96% 

21 3 3 4 2 2 56% 4 3 4 3 3 68% 4 5 5 3 3 80% 

22 4 3 2 2 2 52% 4 4 3 5 3 76% 4 5 4 5 5 92% 

23 4 2 2 3 3 56% 5 3 2 3 2 60% 5 4 4 4 3 80% 

24 3 2 3 3 1 48% 4 2 4 3 3 64% 5 3 4 3 4 76% 

25 5 2 3 2 2 56% 3 4 3 4 4 72% 4 4 5 4 5 88% 

26 2 2 2 3 4 52% 3 3 3 4 4 68% 3 3 3 4 4 68% 

27 4 3 3 2 3 60% 4 4 2 3 3 64% 5 3 3 4 3 72% 

28 5 3 2 2 1 52% 5 3 3 4 3 72% 5 3 3 5 4 80% 

29 4 3 2 3 3 60% 4 3 4 3 3 68% 4 3 5 4 3 76% 

30 2 4 3 2 3 56% 3 4 4 2 3 64% 3 5 4 3 3 72% 

Average Total 58.4% Average Total 70.13% Average Total 82.53% 
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VI. Sample Legal Text and Summaries  

Document No: 5  

Query: ያለ ማስጠንቀቂያ የስራ ውል ስለማቋረጥ በሰበር የተሰጠ ውሳኔ 

ጉዳዩ  ከአሠሪና  ሰራተኛ  የስራ  ውል  መቋረጥ  ጋር  የተያያዘ  ሲሆን  የተጀመረው  በፌዴራል የመጀመሪያ  ደረጃ  ፍርድ  

ቤት ተጠሪ  ከሳሽ  አመልካች  ተከሳሽ  በመሆን  ነው። አመልካች  በሥር የፌዴራል  የመጀመሪያ  እና  ከፍተኛ  ፍርድ  ቤት  

የተሰጡ ውሳኔዎች  መሰረታዊ  የህግ  ስህተት የተፈጸመባቸው ስለሆነ ይታረምልኝ በማለት ያቀረበውን አቤቱታ አጣርቶ 

ለመወሰን የቀረበ ነው፡፡ የአሁኑ  ተጠሪ  በሥር  ፍርድ  ቤት  በአመልካች  ላይ  ያቀረቡት  ክስ  አጭር  ይዘት፡-  በአመልካች 

ድርጅት ከመጋቢት 23/2005 ዓ/ም ጀምሮ በወር 2650 ብር እየተከፈላቸው በአሽከርካሪነት የስራ መደብ  ሲሰሩ  እንደ  

ነበር፣  አመልካች  ያለ  ምንም  ጥፋትና  ማስጠንቀቂያ  የሥራ  ውላቸውን ያቋረጡ  በመሆኑ  ስንበቱ  ሕገ  ወጥ  ነው  

ተብሎ  በሕግ  የተፈቀዱ  ልዩ  ልዩ  ክፍያዎች እንዲወስንላቸው ማመልከታቸውን የሚያሳይ ነው፡፡ አመልካች  በሥር  ፍርድ  

ቤት  ያቀረበው  መልስ  የመጀመሪያ  ደረጃ  መቃወሚያ  ያቀረበ  ሲሆን በፍሬ ነገሩም ተጠሪ በጡረታ የተገለሉ በመሆኑ 

ስንብቱ ሕጋዊ ነው እንዲባልለት፤ የፕሮቪደንት ፈንድ  ተጠቃሚ  ስለሆነ  የሥራ  ስንብት  ክፍያ  የመጠየቅ  መብት  

እንደሌላቸው  የካሳ  እና  ወደ ሥራ ልመለስ ጥያቄ በይርጋ የታገደ ነው በማለት ተከራክሯል፡፡ የሥር  ፍርድ  ቤትም  የግራ  

ቀኙ  ክርክር  እና  ማስረጃ  ከመረመረ  በኃላ  በተጠሪ  የቀረበው  ወደ ሥራ  ልመለስ  ካሳም ይከፈልኝ ጥያቄ በይርጋ የታገደ  

ስለመሆኑ፤ የፕሮቪደንት  ፈንድ ተጠቃሚ በመሆናቸው  የሥራ  ስንብት  ክፍያ  እንደ  ማይገባቸው፤  የዘገየ  ክፍያ  ጥያቄ  

በተመለከተም በአመልካች  የታመነው  የፕሮፊደንት  ፈንድ  እና  የዓመት  እረፍት  ወደ  ገንዘብ  ተቀይሮ የተከፈላቸው  

መሆኑ  በመረጋገጡ  በዚህ  ረገድ  ያቀረቡት  ክርክር  ተቀባይነት  እንደሌለው፤ አመልካች  ተጠሪን  በጡረታ  የተገለሉ  

ናቸው  ይበል  እንጂ  ከግል  ድርጅቶች  ማህበራዊ  ዋስትና ኤጀንሲ በተገኘው መረጃ መሰረት በጡረታ መገለላቸው 

አናውቅም በማለት መልስ በመስጠቱ እና ያለ ማስጠንቀቂያ ከሥራ በመሰናበታቸው ምክንያት የ3 ወር ደመወዝ ብር 7950 

እንዲከፈለቸው ወስኗል፡፡  

አመልካች እና ተጠሪ ለፌዴራል ከፍተኛ ፍርድ ቤት ይግባኝ አቅርበው ፍርድ ቤቱም የግራ ቀኙ ክርክር ከመረመረ በኃላ የስር 

ፍርድ ቤቱ ውሳኔ በማጽናት ወስኗል፡፡ የአመልካች የሰበር አቤቱታ መነሻም  ይህንን  ውሳኔ  በመቃወም  ለማስለወጥ  የቀረበ  

ነው፡፡  ግራ  ቀኙ  በዚህ  ችሎት  የጽሑፍ ክርክር ተለዋውጠዋል፡፡ አመልካች በሰበር አቤቱታው የጠቀሰው መሰረታዊ ነጥብ 

ተጠሪ በጡረታ የተገለሉ  በመሆናቸው  ሰንብቱ  በሕግ  አግባብ  የተከናወነ  መሆኑ  እየታወቀ  የማስጠንቀቂያ  ጊዜ  3 ወር  

ደመወዝ  እንዲከፈል  መወሰኑ  መሠረታዊ  የህግ  ስህተት  የተፈጸመበት  ነው  የሚል  ሲሆን ተጠሪ  በበኩላቸው  60  

ዓመት  ካለፈባቸው  በኃላ  በአመልካች  ድርጅት  ይሰሩ  እንደነበር  ለስንብቱ ምክንያት  ጡረታ  ሳይሆን  በግብታዊ  መንገድ  

የተወሰደ  እርምጃ  በመሆኑ  የስር  ፍ/ቤት  ውሳኔ እንዲጸና አመልክቷል፡፡ የአመልካች የመልስ መልስም የሰበር አቤቱታው 

የሚያጠናክር ነው፡፡ የሥር  የጉዳዩ  አመጣጥ  እና  የክርክር  ይዘት  ከላይ  የተመለከተው  ሲሆን  ይህ  ችሎትም  ለሰበር 

አቤቱታ  መነሻ  የሆነው  ውሳኔ፤  ግራ  ቀኙ  በጽሑፍ  ያደረጉት  ክርክር  አግባብነት  ከላቸው ድንጋጌዎች እና ጉዳዩ ለሰበር 

ሲቀርብ ከተያዘው ጭብጥ አንፃር እንደሚከተለው መርምሮታል፡፡ እንደመረመረነውም  አመልካች  አጥብቆ  የሚከራከረው  

የተጠሪ  የቅጥር  ውል  በጡረታ በመገለላቸው  ምክንያት  በሕጉ  አግባብ  መቋረጡን  መሠረት  በማድረግ  ሲሆን  ተጠሪ  
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በበኩላቸው ዕድሜያቸው  60  ዓመት  ከሞላ  በኋላም  በሥራ  መደባቸው  ላይ  መቀጠላቸውን  እና  ስንብቱ ግብታዊ  

መሆኑን  ነው፡፡  የሥር የፌዴራል መጀመሪያ ደረጃ  ፍርድ ቤትም  ለተጠሪ ማስጠንቀቂያ አልተሰጣቸውም  ለማለት  እንደ  

መነሻ  የወሰደው  የግል  ድርጅት  ማህበራዊ  ዋስትና  ኤጀንሲ በጡረታ  የተገለሉ  ስለመሆኑ  አናውቅም  የሚል  መልስ  

በመስጠቱ  ምክንያት  ነው  ተጠሪ  60  ዓመት  የሞላቸው  ስለመሆኑ  የተካደ  ጉዳይ  አይደለም፡፡  የስራ  ውል  በሕግ  

ከሚቋረጥባቸው መንገዶች እንደ ሠራተኛው አግባብ ባለው ሕግ መሰረት በጡረታ ሲገለል እንደሆነ በአዋጅ ቁጥር 377/  

1996  አንቀጽ  24  (3)  በግልጽ  ተደንጓል፡፡  የግል  ሠራተኞች  የጡረታ  አዋጅ  ቁጥር 715/2003  አንቀጽ  17(1)  

የሠራተኛው  የጡረታ  መውጫ  ዕድሜ  60  ዓመት  መሆኑን ተመልክቷል፡፡ በተያዘው ጉዳይ ተጠሪ  60  ዓመት የሞላቸው 

ቢሆንም የቅጥር  ውሉ እስከ ቀጠለ ድረስ ከሥር ለማሰናበት ማስጠንቀቂያ ሊሰጣቸው እንደሚገባ እየተከራከሩ ነው፡፡ 

በመሰረቱ አንድ ሰራተኛ በሕግ የተቀመጠው የጡረታ መውጫ ዕድሜ ካለፈ በኃላ ሥራ ቢቀጥል ወይም  እንደገና  ተቀጥሮ  

ቢሰራ  ያለው  ሕጋዊ  ውጤት  ምንድነው?  የሚለውን  ማየቱ  ተገቢ ይሆናል፡፡ አመልካች  ለሰንብቱ  መነሻ  ያደረገው  

ተጠሪ  60  ዓመት  የሞላቸው  በመሆኑ  በጡረታ ተገለዋል  በሚል  ነው፡፡  ክፍያ  በተመለከተም  በአመልካች  የታመነው  

የፕሮፊደንት  ፈንድ  እና የአመት  ዕረፍት  በገንዘብ  ተቀይሮ  የተከፈላቸው  ስለመሆኑ  ያከራከረ  ጉዳይ  አይደለም፡፡  አንድ 

ሠራተኛ  የጡረታ  መውጫ  ዕድሜ  ከለፈበት  በኋላ  በሥራው  ቢቀጥል  አሰሪው  በሕጉ  አግባብ ሠራተኛውን  ማስናበት  

እንደሚችል  በአዋጅ  ቁጥር  377/1996  አንቀጽ  24(3)  ተመልክቷል፡፡ 

አሰሪው  ምርታማነቱ  እና  የገበያ  ተዋዋዳሪነቱ  ለማስቀጠል  የሚችለው  በጡረታ  የተገለሉ ሠራተኞች  በሕጉ  አግባብ  

እያሰናበተ  በአዲስ  ኃይል  እየተካ  ሲሄድ  መሆኑ  የምንገነዘበው  ጉዳይ ነው፡፡  በጡረታ  የተገለለ  ሰው  ስራ  መስራት  

አይችልም  የሚባል  ባይሆንም  አንድ  አሰሪ  በጡረታ  የተገለለን  ሠራተኛ  በድጋሚ  ላልተወሰነ  ጊዜ  ቀጥሮ  ያሰራል  

ለማለት  እንደማይቻል  የሰበር  ሰሚ ችሎት  በሰ/መ/ቁ  18832  ህዳር  3  ቀን  2000  ዓ/ም  አስገዳጅ  ውሳኔ  ሰጥቷል፡፡  

ይህ  አሰገዳጅ ውሳኔ  ደግሞ  በሁሉም  ደረጃ  ላይ  በሚገኙ  ፍርድ  ቤቶች  ተፈፃሚነት  እንዳለው  በአዋጅ  ቁጥር 

454/1997 አንቀጽ 2(1) ስር ተደንግጓል፡፡ በተያዘው ጉዳይ ተጠሪ ዕድሜያቸው ከ60 ዓመት በላይ መሆኑ ተረጋግጧል፡፡ 

አመልካች ድርጅት ከተጠሪ  ጋር  የነበረው  ግንኙነት  በሕጉ  አግባብ  አቋርጠዋል፡፡  ይህ  ከሆነ  ደግሞ  ለተጠሪ 

ማስጠንቀቂያ  መስጠት  ይገባው  ነበር  ለማለት  አይቻልም፡፡  ምክንያቱም  አመልካች  ከተጠሪ  ጋር የነበረው  የቅጥር  ውል  

ሕጉ  በደነገገው  የጡረታ  መውጫ  ዕድሜ  መሰረት  የተቋረጠ  በመሆኑ ነው፡፡  በሕጉ  አግባብ  የተቋረጠው  የቅጥር  ውል  

ደግሞ  አሰሪ  የማሰጠንቀቂያ  ጊዜ  አልሰጠህም በሚል ምክንያት የማስጠንቀቂያ ጊዜ ክፍያ እንዲከፈል አይገደድም፡፡ ተጠሪ 

60 ዓመት ከሞላቸው በኃላ በሥራ ገበታቸው መቆየታቸው በአመልካች የተለየ ግዴታ የሚጥል አይደለም፡፡  

በዚህ መሠረት የስር ፌዴራል የመጀመሪያ ደረጃ ፍርድ  ቤት የማስጠንቀቂያ ጊዜ ክፍያ የ3 ወር ደመወዝ  ብር  7950  

እንዲከፈላቸው  መወሰኑ  እና  በፌዴራል  ከፍተኛ  ፍርድ  ቤት  ይግባኝ  ሰሚ ችሎት መጽናቱ መሰረታዊ የህግ ስህተት 

የተፈጸመበት በመሆኑ ተከታዩን ወስነናል፡፡  

1.  የፌዴራል  የመጀመሪያ  ደረጃ  ፍርድ  ቤት  በመ/ቁ  31577  በ27/10/2005  ዓ/ም  የሰጠው ፍርድ  የፌዴራል  

ከፍተኛ  ፍርድ  ቤት  በመ/ቁ.  136076 በ18/09/2006 ዓ/ም የሰጠው ፍርድ ተሸሯል፡፡  
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2.  አመልካች  የተጠሪ  የቅጥር  ውል  ያቋረጠው  በሕጉ  አግበብ  ነው  ብለናል፡፡  አመልካች ለተጠሪ  የማስጠንቀቂያ  ጊዜ  

ክፍያ  የ3  ወር  ደመወዝ  ብር  7950  ሊከፈል  አይገባም በማለት ወስነናል፡፡ 

Ideal Summary at 30% extraction rate  

ጉዳዩ  ከአሠሪና  ሰራተኛ  የስራ  ውል  መቋረጥ  ጋር  የተያያዘ  ሲሆን  የተጀመረው  በፌዴራል የመጀመሪያ  ደረጃ  ፍርድ  

ቤት  ተጠሪ  ከሳሽ  አመልካች  ተከሳሽ  በመሆን  ነው። አመልካች እና ተጠሪ ለፌዴራል ከፍተኛ ፍርድ ቤት ይግባኝ 

አቅርበው ፍርድ ቤቱም የግራ ቀኙ ክርክር ከመረመረ በኃላ የስር ፍርድ ቤቱ ውሳኔ በማጽናት ወስኗል፡፡ አመልካች በሰበር 

አቤቱታው የጠቀሰው መሰረታዊ ነጥብ ተጠሪ በጡረታ የተገለሉ  በመሆናቸው  ሰንብቱ  በሕግ  አግባብ  የተከናወነ  መሆኑ  

እየታወቀ  የማስጠንቀቂያ  ጊዜ  3 ወር  ደመወዝ  እንዲከፈል  መወሰኑ  መሠረታዊ  የህግ  ስህተት  የተፈጸመበት  ነው የሚል 

ሲሆን ተጠሪ  በበኩላቸው  60  ዓመት  ካለፈባቸው  በኃላ  በአመልካች  ድርጅት  ይሰሩ  እንደነበር  ለስንብቱ ምክንያት  

ጡረታ  ሳይሆን  በግብታዊ  መንገድ  የተወሰደ  እርምጃ  በመሆኑ  የስር  ፍ/ቤት  ውሳኔ እንዲጸና አመልክቷል፡፡ አመልካች 

ድርጅት ከተጠሪ  ጋር  የነበረው  ግንኙነት  በሕጉ  አግባብ  አቋርጠዋል፡፡ በሕጉ  አግባብ  የተቋረጠው  የቅጥር  ውል  ደግሞ  

አሰሪ  የማሰጠንቀቂያ  ጊዜ  አልሰጠህም በሚል ምክንያት የማስጠንቀቂያ ጊዜ ክፍያ እንዲከፈል አይገደድም፡፡ በዚህ መሠረት 

የስር ፌዴራል የመጀመሪያ ደረጃ ፍርድ  ቤት የማስጠንቀቂያ ጊዜ ክፍያ የ3  ወር ደመወዝ  ብር  7950  እንዲከፈላቸው  

መወሰኑ  እና  በፌዴራል  ከፍተኛ  ፍርድ  ቤት  ይግባኝ  ሰሚ ችሎት መጽናቱ መሰረታዊ የህግ ስህተት የተፈጸመበት በመሆኑ 

ተከታዩን ወስነናል፡፡ የፌዴራል  የመጀመሪያ  ደረጃ  ፍርድ  ቤት  በመ/ቁ  31577  በ27/10/2005  ዓ/ም  የሰጠው ፍርድ  

የፌዴራል  ከፍተኛ  ፍርድ  ቤት  በመ/ቁ.  136076  በ18/09/2006  ዓ/ም  የሰጠው ፍርድ ተሸሯል፡፡ አመልካች  የተጠሪ  

የቅጥር  ውል  ያቋረጠው  በሕጉ  አግበብ  ነው  ብለናል፡፡ አመልካች ለተጠሪ  የማስጠንቀቂያ  ጊዜ  ክፍያ  የ3  ወር  ደመወዝ  

ብር  7950  ሊከፈል  አይገባም በማለት ወስነናል፡፡ አመልካች  በሥር የፌዴራል  የመጀመሪያ  እና  ከፍተኛ  ፍርድ  ቤት  

የተሰጡ  ውሳኔዎች  መሰረታዊ  የህግ  ስህተት የተፈጸመባቸው ስለሆነ ይታረምልኝ በማለት ያቀረበውን አቤቱታ አጣርቶ 

ለመወሰን የቀረበ ነው፡፡ 

Summary generated by TF*IDF (Experiment 1) at 30% 

ጉዳዩ ከአሰሪና ሰራተኛ የስራ ውል መቋረጥ ጋር የተያያዘ ሲሆን የተጀመረው በፌዴራል የመጀመሪያ  ደረጃ  ፍርድ ቤት ተጠሪ  

ከሳሽ አመልካች ተከሳሽ በመሆን ነው። የአሁኑ ተጠሪ በሥር ፍርድ ቤት በአመልካች ላይ ያቀረቡት ክስ አጭር ይዘት፡-  

በአመልካች ድርጅት ከመጋቢት 23/2005 አ/ም ጀምሮ በወር 2650 ብር እየተከፈላቸው በአሽከርካሪነት የስራ መደብ ሲሰሩ 

እንደ ነበር፣ አመልካች ያለ ምንም ጥፋትና ማስጠንቀቂያ የስራ ውላቸውን ያቋረጡ በመሆኑ ስንበቱ  ሕገ ወጥ ነው ተብሎ 

በሕግ  የተፈቀዱ ልዩ ልዩ ክፍያዎች እንዲወስንላቸው ማመልከታቸውን የሚያሳይ ነው፡፡ አመልካች በሥር ፍርድ ቤት 

ያቀረበው መልስ  የመጀመሪያ  ደረጃ መቃወሚያ ያቀረበ ሲሆን በፍሬ ነገሩም ተጠሪ በጡረታ የተገለሉ በመሆኑ ስንብቱ 

ሕጋዊ ነው እንዲባልለት፤ የፕሮቪደንት ፈንድ ተጠቃሚ ስለሆነ የሥራ ስንብት ክፍያ የመጠየቅ መብት እንደሌላቸው የካሳ እና 

ወደ ሥራ ልመለስ ጥያቄ በይርጋ የታገደ ነው በማለት ተከራክሯል፡፡ የሥር ፍርድ ቤትም  የግራ ቀኙ ክርክር  እና  ማስረጃ  

ከመረመረ  በኃላ  በተጠሪ የቀረበው ወደ ሥራ ልመለስ ካሳም ይከፈልኝ ጥያቄ በይርጋ የታገደ ስለመሆኑ፤ የፕሮቪደንት ፈንድ 

ተጠቃሚ በመሆናቸው የሥራ ስንብት ክፍያ  እንደማይገባቸው፤ የዘገየ  ክፍያ  ጥያቄ  በተመለከተም በአመልካች  የታመነው 
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የፕሮፊደንት  ፈንድ  እና  የዓመት  እረፍት ወደ ገንዘብ ተቀይሮ የተከፈላቸው መሆኑ በመረጋገጡ  በዚህ ረገድ  ያቀረቡት  

ክርክር ተቀባይነት  እንደሌለው፤ አመልካች ተጠሪን በጡረታ የተገለሉ ናቸው ይበል እንጂ  ከግል  ድርጅቶች  ማህበራዊ  

ዋስትና ኤጀንሲ በተገኘው መረጃ መሰረት በጡረታ መገለላቸው አናውቅም በማለት መልስ በመስጠቱ እና ያለ ማስጠንቀቂያ 

ከሥራ በመሰናበታቸው ምክንያት የ3 ወር ደመወዝ ብር 7950 እንዲከፈለቸውወስኗል፡፡ የስራ ውል በሕግ  ከሚቋረጥባቸው 

መንገዶች እንደ ሠራተኛው አግባብ ባለው ሕግ መሰረት በጡረታ ሲገለል እንደሆነ በአዋጅ ቁጥር 377/ 1996  አንቀጽ  24 

(3) በግልጽ ተደንጓል፡፡ ይህ ከሆነ ደግሞ ለተጠሪ ማስጠንቀቂያ መስጠት ይገባው ነበር ለማለት አይቻልም፡፡ አመልካች 

የተጠሪ የቅጥር ውል ያቋረጠው በህጉ አግበብ ነው ብለናል፡፡ አመልካች ለተጠሪ የማስጠንቀቂያ ጊዜ ክፍያ የ3 ወር ደመወዝ 

ብር 7950  ሊከፈል አይገባም በማለት ወስነናል፡፡ 

Summary generated by TextRank (Experiment 2) at 30% 

ጉዳዩ ከአሰሪና ሰራተኛ የስራ ውል መቋረጥ ጋር የተያያዘ ሲሆን የተጀመረው በፌዴራል የመጀመሪያ ደረጃ ፍርድ ቤት ተጠሪ  

ከሳሽ አመልካች ተከሳሽ በመሆን ነው።የአሁኑ ተጠሪ በሥር ፍርድ ቤት በአመልካች ላይ ያቀረቡት ክስ አጭር ይዘት፡-  

በአመልካች ድርጅት ከመጋቢት 23/2005 አ/ም ጀምሮ በወር 2650 ብር እየተከፈላቸው በአሽከርካሪነት የስራ መደብ ሲሰሩ 

እንደ ነበር፣ አመልካች ያለ ምንም ጥፋትና ማስጠንቀቂያ የስራ ውላቸውን ያቋረጡ በመሆኑ ስንበቱ  ሕገ ወጥ ነው ተብሎ 

በሕግ  የተፈቀዱ ልዩ ልዩ ክፍያዎች እንዲወስንላቸው ማመልከታቸውን የሚያሳይ ነው፡፡እንደመረመረነውም አመልካች 

አጥብቆ  የሚከራከረው የተጠሪ የቅጥር ውል በጡረታ በመገለላቸው ምክንያት በሕጉ አግባብ መቋረጡን መሠረት በማድረግ 

ሲሆን  ተጠሪ በበኩላቸው ዕድሜያቸው 60 ዓመት ከሞላ በኋላም በሥራ መደባቸው ላይ መቀጠላቸውን እና ስንብቱ 

ግብታዊ  መሆኑን  ነው፡፡የሥር የፌዴራል መጀመሪያ ደረጃ  ፍርድ ቤትም ለተጠሪ ማስጠንቀቂያ አልተሰጣቸውም ለማለት 

እንደ መነሻ የወሰደው  የግል ድርጅት ማህበራዊ ዋስትና ኤጀንሲ በጡረታ የተገለሉ ስለመሆኑ አናውቅም የሚል መልስ 

በመስጠቱ ምክንያት ነው ተጠሪ  60 ዓመት የሞላቸው ስለመሆኑ የተካደ ጉዳይ አይደለም፡፡የስራ ውል በሕግ 

ከሚቋረጥባቸው መንገዶች እንደ ሠራተኛው አግባብ ባለው ሕግ መሰረት በጡረታ ሲገለል፡፡ እንደሆነ በአዋጅ ቁጥር 

377/1996 አንቀጽ 24 (3) በግልጽ ተደንጓልበጡረታ  የተገለለ ሰው ስራ መስራት አይችልም የሚባል ባይሆንም አንድ አሰሪ 

በጡረታ የተገለለን ሠራተኛ በድጋሚ ላልተወሰነ ጊዜ  ቀጥሮ ያሰራል ለማለት እንደማይቻል የሰበር ሰሚ ችሎት በሰ/መ/ቁ 

18832 ህዳር 3 ቀን 2000 ዓ/ም አስገዳጅ ውሳኔ ሰጥቷል ፡፡ምክንያቱም አመልካች ከተጠሪ ጋር የነበረው የቅጥር ውል ሕጉ 

በደነገገው የጡረታ መውጫ ዕድሜ መሰረት የተቋረጠ በመሆኑ ነው፡፡በሕጉ አግባብ የተቋረጠው የቅጥር ውል ደግሞ አሰሪ 

የማሰጠንቀቂያ ጊዜ አልሰጠህም በሚል ምክንያት የማስጠንቀቂያ ጊዜ ክፍያ እንዲከፈል አይገደድም፡፡ አመልካች  የተጠሪ 

የቅጥር ውል ያቋረጠው በሕጉ አግበብ ነው ብለናል፡፡     

 

 

 


